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2. To compare the impact of social media usage on social health across gender and education levels among students at Bangalore University (India) and Chulalongkorn University (Thailand). 
6. Keywords 
 
-Social media, social health, university students 
 
 
7. Background of the Study 
 
Social media has recently become embedded firmly and deeply into every day existence, particularly for adolescent (Das & Sarkar, 2021). People’s way of communicating, discussing stories, and seeking information have been changed completely. Social media sites like Faceboook, Instagram, WhatsApp, TikTok, and X (formerly known as Twitter) have transfigured university students in their way of connecting learning and networking (Nguyen et al., 2020). University going students today perceive social media tools as being essential for career advancement, educational involvement alongside fostering social interaction and for leisurely experiences (Nasongkhla & Shieh, 2023). Consuming these channels, students have the opportunity to create professional links, collaborate on university related projects, and adhere to connection with others. With the regard to use of social media sites, offers various benefits through usage such as gathering study materials, sharing resources and information, and participation in debates to attain educational goals (Chukwuere, 2021). 
According to Saha and Guha (2021) suggested that regular participation is unavoidable because everyone owns and utilizes at least one social media site. Consequently, the majority of users spend more than an hour per day on these platforms, with Facebook being the most widely used. Students that use social media often have a generally good opinion of it, few negative views, and a modest degree of reliance. Social media use among college students has been repeatedly connected to their academic performance and learning, according to research from Malak et al., (2022).  However, Chowdhury (2024) argues since students often rely too much on easily accessible materials, an over-reliance on social media can impede creativity and cause dependence. Numerous studies have examined the frequency and length of time spent on social media, both at home and during educational activities (Widiger et al., 2023).  
According to Auxier & Anderson (2021), over 80% of U.S. young adults (18–29) use at least one social media platform. Globally, young people (16–24) spend an average of three hours daily on social media (Global Web Index, 2018). YouTube is the most popular platform among young adults, with 95% of them using it. In the meantime, TikTok (48%) and Snapchat (65%), Facebook (70%), and Instagram (71%), are also extensively utilized. Furthermore, social relationships, culture, and technology all have an impact on user behaviours and the introduction of new platforms. As a result, some platforms may become more popular while others may become less so (Auxier & Anderson, 2021). However, preference changes are common since social media patterns are subject to alter over time (Tsokota et al., 2022). Negative social health among youth has increased in tandem with the growth of social media usage (SMU). Between 2015 and 2018, the percentage of Australian teenagers aged 11 to 24 who reported having social health concerns increased from 19% to 26% (Looi, 2025). According to Twenge et al. (2019), there was a 63% rise in young adults (18–25) in the United States who had substantial social distress between 2009 and 2017. Although some scholars contend that increasing SMU is a major cause of these problems, others contend that more general socioeconomic and behavioural shifts could also be important (Clark et al., 2020;). 
A crucial component of wellbeing, social health affects students' mental health, academic performance, and personal growth (Hurley el al., 2024). While poor social health can result in grief and loneliness, good social health lowers stress and loneliness (Huong, 2023). Social media has a complicated effect on social health since it promotes relationships while posing concerns such as cyberbullying and social comparison (Clark et al., 2020). Studies contend that because of inflated expectations and fleeting connections, excessive social media use complicates stress, anxiety, and depression (Adorjan & Ricciardelli, 2021). 
 
University students, particularly those aged 18-25, represent a critical demographic for studying the impact of social media on social health. This age group is in a transitional phase of life, marked by significant social, emotional, and academic changes. They are more likely to be active social media users, using platforms for both personal and academic purposes (Das & Chattopadhyay, 2021). The pressures of university life, combined with the need to maintain social connections and academic performance, make this group particularly vulnerable to the effects of social media on social health. Studying this age group is crucial because early intervention can mitigate potential negative outcomes and promote healthier social media usage patterns, improving overall social and mental well-being. Several studies show that Indian university students are becoming more and more dependent on internet platforms. Instagram was mostly used for pleasure, whereas YouTube was the most popular medium for instructional information (Patmanthara et al., (2019). According to Patel et al. (2021), Facebook is becoming less popular than Instagram and Snapchat, and 60% of students use social media for more than three hours every day. According to Mehta (2023), 60% of students used screens for more than six hours per day by 2022. The most popular activities were social media (3.5 hours), OTT platforms (2 hours), and gaming (1.5 hours).  
According to the Liberty University Study (2023), students at university spent an average of 
7.2 hours a day in front of a screen, with the most popular platforms being YouTube (78%) Instagram (88%), and WhatsApp (85%). Furthermore, 62% of students, cellphones are used for online education (Best, 2023). As screen usage has risen, additionally, people have concerns about addiction and social health. According to Ambat (2025), Indian students who use social media excessively (more than four hours a day) report greater levels of worry (42%) and worse sleep (38%). According to a NIMHANS (2021) research, 35% of Bangalore students reported getting less than six hours of sleep because of late-night social media use, and 40% of students had symptoms of social media addiction, the greatest among those aged 18 to 22 (Choudhury et al., 2024). As per the study from Wang et al., (2023), revealed that engineering students used screens for more than eight hours per day, and that 55% of them reported being less focused as a result of multitasking. According to a 2020 ASSOCHAM research, 65% of Indian students reported feeling "digital fatigue" as a result of taking too many online courses and using social media (Priya & Subramaniyam, 2022). 
According to a McKinsey India survey from 2022, screen use increased by 35% among Indian students after the epidemic. Students in Delhi, Mumbai, and Bangalore used screens the most, averaging more than seven hours a day (Kolluru et al., 2025). According to a 2023 the Hindu report, Bangalore students spent 20% more time on screens than their counterparts in Chennai and Kolkata. This was mainly because of the city's increased smartphone penetration and IT culture and 49.3% of students in rural India have access to smartphones but only 34% of that number use them for studies.  Comparably, 70% of Bangalore students checked their phones within five minutes of waking up, demonstrating the city's increasing reliance on technology (The Hindu, 2023). Furthermore, Bangalore was named the second-highest city in India for social media usage by Kantar ICUBE (2023), with students using it for an average of 4.1 hours per day (Kantar, 2023).  
About 72% of Indian university students, according to the UGC (2022), utilized smartphones for e-learning; nonetheless, social media distractions continued to be a major problem (Maya et al., 2022). According to the Girijan research from 2024, Indian students spend an average of 6.9 hours a day in front of a screen, with urban students spending more time online than their rural counterpart. With an average monthly mobile data use of 12GB compared to the national average of 9.4GB, 84% of Bangalore students utilized WhatsApp for academic groups, the highest percentage in India, according to the 2024 Karnataka Digital Economy Report 
(Karnataka eitbt Department, 2024). News sources have also noted how university students in Bangalore are adopting new digital habits. Three out of four students used Instagram Reels for more than two hours per day (Kannan & Anuradha, 2024).  
According to a survey done on Thai university students, they used their smartphones for an average of 6.12 hours per day. Social networking was the most frequently utilized application, with 98.1% of participants using it. Notably, the study found that using a smartphone might have both beneficial and detrimental health impacts. Increased sentiments of warmth with others (95.3%), relaxation (80.6%), and happiness (80.1%) were among the positive impacts. However, adverse health impacts were also common, including boredom (78.9%), shoulder or neck discomfort (82.3%), misunderstandings with others (92.5%), and eye pain (90.2%) (Wilaiwan, 2020). 
According to a different survey, Northern Thai pharmacy students used their cellphones for an average of 7.5 hours per day during the week and 8.1 hours on the weekends. Social networking (92.9%), education (90.3%), and entertainment (89.6%) were the main reasons people used smartphones. The following health issues were linked to smartphone use: stress (38.4%), headaches (38.8%), anxiety (41.3%), and sleeplessness (51.3%). In this group, 49% of people had smartphone addiction, and using a smartphone for more than five hours a day was significantly linked to addiction (Chinwong et al., 2023). Additionally, a study conducted among Thai university students in Chiang Mai revealed a negative correlation between psychological well-being and excessive smartphone use. Compared to students who did not use smartphones excessively, those who did had poorer psychological well-being ratings. Additionally, the study found that female students scored higher than their male counterparts on measures of psychological well-being (Tangmunkongvorakul et al., 2019). 
 
Students may find it difficult to adjust to university life as they manage social shifts and academic obligations. Social networking sites help students interact with others, but they also frequently cause them to compare their life to others', which makes them feel inadequate (Nahar et al., 2025).When combined with cyberbullying, worries about missing out can worsen mental health conditions and have a detrimental effect on general wellbeing. Young people' interactions and perceptions of their responsibilities in communities have changed as a result of the development of social media (Ugwu et al., 2023).  A cross-sectional study conducted in India during the COVID-19 epidemic revealed a strong correlation between students' elevated levels of anxiety and despair and their increasing usage of social media (Nazari et al., 2023). Similarly, a study conducted at Ubon Ratchathani University in Thailand found that 32.6% of medical students were addicted to social media, with 45.4% reporting anxiety and 23.9% reporting sadness. These results demonstrate the intricate connection between university students' use of social media and their emotional wellness in these areas (Alsabaani et al., 2018). According to the World Health Organization, mental health issues are increasing at a rate of 13% every year (Beyari, 2023). With prior research showing a strong association between social media use and disorders like depression, this rise in social health problems is directly related to the expanding use of social media (Orben & Przybylski, 2019).  
 
Bangalore and Bangkok, as prominent urban centers in India and Thailand, share striking similarities that make them compelling subjects for comparative research. Both cities are critical economic hubs: Bangalore is known as the "Silicon Valley of India" for its IT sector and startup ecosystem, while Bangkok serves as a central node for finance, commerce, and tourism in Southeast Asia, with a growing tech industry. Culturally, both are cosmopolitan, blending traditional and modern influences. Academically, they host prestigious institutions like Bangalore University and Chulalongkorn University, leaders in research and innovation. Both cities face urbanization challenges such as traffic congestion, pollution, and infrastructure strain, alongside environmental concerns like air pollution and water management. Their emphasis on technological advancement—Bangalore in software and biotechnology, Bangkok in fintech and smart city initiatives—further aligns their developmental trajectories. 
Central College, Bengaluru, which was founded in 1886, evolved into Bangalore University in 1964. With a broad range of undergraduate, graduate, and doctorate programs in several fields, it has subsequently grown to become one of India's top institutions. Science, Arts, Commerce and Management, and Education are among the faculties that make up Bangalore University. Ph.D., PG Diploma and Certificate Courses, Integrated Courses, Undergraduate Courses, and Postgraduate Courses are just a few of the varied programs it provides. Bangalore University has signed Memorandums of Understanding (MoUs) with several domestic and foreign organizations and actively participates in research partnerships. For example, it has worked on academic and cultural initiatives with the Indian Council for Cultural Relations (ICCR) 
(Bangalore University, 2025) 
On the other hand, King Vajiravudh (Rama VI) established Chulalongkorn institution in 1917, making it the oldest institution in Thailand. It has been instrumental in promoting higher education in Thailand and is named after King Chulalongkorn (Rama V). Chulalongkorn University has three colleges, one school, 19 faculties, and a large number of research institutions. It offers a wide range of undergraduate and graduate degrees in the social sciences, health sciences, science and technology, and humanities, among other subjects. Chulalongkorn University has a stellar reputation for its research output and global partnerships. Its top ranking among Thai institutions in the Times Higher Education World University Rankings 2025 is proof of its recognition for excellence in research quality and atmosphere. Chulalongkorn University routinely beats Bangalore University in international university rankings. Chulalongkorn University is rated first in Thailand and 229th overall. Bangalore University, on the other hand, is not listed in the top 500 of these rankings. With over 34,519 students enrolled overall, Chulalongkorn University has a sizable foreign student body, which reflects its popularity throughout the world. Bangalore University is renowned for having a sizable student body, mostly made up of local students, however precise enrolment statistics are not easily found in the sources supplied. (QS World University Rankings 2025; Chulalongkorn University, 2025, Bangalore University, 2025).  
 
 
This study will focus on university students from Bangalore University in India and Chulalongkorn University in Thailand. Bangalore University, a leading institution in India, offers diverse academic programs and emphasizes interdisciplinary education and research. With over 300,000 students, it is a hub for socially relevant research and global collaborations (Bangalore University). Similarly, Chulalongkorn University, Thailand's oldest and most prestigious university, has a strong emphasis on sustainability and interdisciplinary research, serving over 37,000 students (University of Freiburg). These institutions provide a rich context for exploring how differences between social media usage and social health. The data for this study will be collected from students at Bangalore University in India and Chulalongkorn University in Thailand. These institutions were selected due to their large student populations and diverse academic environments, which provide a representative sample of young adults in each country. 
  
8. Statement of the Problem 
 
Despite the growing body of literature on the relationship between social media usage and social health, there remains a significant gap in research comparing how these dynamics unfold in different cultural contexts (Haddad et al., 2021). Understanding the interplay between social media use and social health in these countries can provide insights into both the positive and negative aspects of digital connectivity and inform strategies to promote healthier social media engagement among young adults. Concerns over social media's effects on social health have been highlighted by the quick spread of its use among learners in higher education, especially in light of international learning environments . (Bhatiasevi, 2024). 
Recent studies have revealed that social media use in Thailand is primarily for social interaction and entertainment, but problems like cyberbullying and social comparison are common (olson et al., 2020). In India, social media use is frequently linked to academic purposes and peer comparisons, which can lead to increased stress and a sense of inadequacy (Beyari, 2023).  Even though the amount of research on the connection between social media use and social health is increasing, there are still a lot of unanswered questions about how social media use specifically affects social health (an independent variable) and how it affects students' wellbeing (a dependent variable) in various cultural contexts. In addition to this, how it affects the mediating effect of social comparison across social health and social media in use. India and Thailand, with their unique social norms and digital infrastructures, offer a valuable opportunity to explore how social media usage constructs such as frequency of use, duration in use, types of social media, and engagement level influence social health factors concerning social support, loneliness, and social integration among university students in distinct cultural settings.   
The impact of cultural elements on students' social health in non-Western contexts, such India and Thailand, has not received enough attention in the literature, which has mostly concentrated on industrialized Western nations. Further research is necessary due to the lack of crosscultural comparison in the impact of social media on social health. In particular, little is known about how social media usage patterns affect social health outcomes like social isolation, selfesteem, and interpersonal relationships among university students in Thailand and India, two rapidly developing countries with disparate cultural dynamics. However, these studies don't fully explore how these factors come together to impact young adult students social health, particularly their mental well-being and social integration within the academic environment. The investigation of how cultural circumstances (India vs. Thailand) influence the link between university students' use of social media and social health is a crucial research need. A comparison study between these two nations regarding the independent variable of social media usage and its influence on the dependent variable, social health, is still lacking, despite the fact that prior research has described the general impacts of social media on mental health. The cultural and societal distinctions between Thailand and India make this disparity more noteworthy as they may have an impact on how students use social media and how it impacts their social wellbeing.  
With an emphasis on social isolation, self-esteem, and social integration, this study attempts to close this gap by examining the effects of various social media usage patterns on the social health outcomes of students in Thailand and India. By doing this, the project will advance knowledge on how social media influences social health in non-Western educational settings. Hence, this study aims to investigate social media usage and social health among university students in India and Thailand, with a focus on identifying cultural differences and similarities. By exploring how these two countries' young adults engage with social media and how it impacts their social well-being, the study seeks to provide valuable insights into the role of digital platforms in shaping the social health of university students in the 21st century. 
 
 
9. Research Questions 
 
The study's core is comprised of the research questions. An optimal collection of research questions should be extremely clear and unambiguous, according to Creswell and Clark's 
(2018) study. In order to determine the influence of social media usage (SWU) on social health (SH) and its components directly as well as on social comparison (SC) through mediating effects, the current study takes an exploratory method. More precisely, this research aims to respond to the following questions: 
 
1. How do social health outcomes differ between students at Bangalore 
University and Chulalongkorn University based on social media use?   
2. How does the impact of social media usage on social health vary across gender and education levels of students at Bangalore University and Chulalongkorn University? 
 
10. Research hypothesis 
 
The research hypothesis guide the investigation into the difference between social media usage and social health among university students in India and Thailand. 
 
1. H1: There is a significant difference in social health outcomes between students at Bangalore University and Chulalongkorn University based on social media 
use.   
2. H2: The impact of social media usage on social health varies significantly across gender and education levels. 
 
11. Scope of the research 
 
The scope of this study outlines the boundaries of the research in terms of population, geography, timeframe, and the specific variables that will be explored. The study aims to investigate the differences in social media usage and social health among university students in India and Thailand, focusing on understanding how social media usage impacts social wellbeing in these two distinct contexts. By examining these factors, the research seeks to provide insights into the relationship between social media and social health among university students in these countries. Data will be collected from students enrolled at Bangalore University in Bangalore, India, and Chulalongkorn University in Bangkok, Thailand. These urban centres are prominent hubs for higher education and technological advancement, making them ideal locations for studying the impact of social media on social health among university students. The study focuses on participants aged 18–25 years, as this age group represents a critical phase of development known as emerging adulthood. During this period, individuals often explore their identity, experience instability, and prioritize self-discovery. This stage aligns with key transitions such as starting university, forming new social relationships, and adapting to adult responsibilities—all of which make young adults highly susceptible to the effects of social media on their social health. The target population will include students from a mix of academic disciplines, such as humanities, sciences, engineering, and social sciences, and will be drawn from universities across both India and Thailand. The final sample will consist of 440 participants, with 220 students from India and 220 students from Thailand, ensuring a balanced representation from both countries. 
 
The selection of this age group is justified by several reasons. First, young adults in this age range are the most frequent users of social media platforms like Instagram, TikTok, and Facebook. Second, by limiting the sample to full-time students (both undergraduate and postgraduate), the study ensures that participants share similar academic pressures, social environments, and daily routines. This reduces the influence of unrelated factors, such as fulltime work or family care, on the results. Participants must meet specific inclusion and exclusion criteria to maintain the study's focus. The inclusion criteria require that participants are fulltime university students, as this ensures homogeneity in lifestyle, academic pressures, and social media usage patterns. On the other hand, graduate students older than 25 are excluded because they often face different life responsibilities, such as careers or parenting, which could independently shape their social media habits and social well-being. This exclusion ensures the study focuses on a cohesive group with comparable developmental experiences. 
The study will be conducted over a period of four months. The data collection phase will take approximately two months, during which participants will be asked to complete online surveys. 
After the data collection, the analysis phase will take two months to compile, analyze, interpret, and discuss the results. The entire study is expected to be completed within this four-month timeframe. 
The study will focus on two primary variables. The independent variable is social media usage, which includes factors such as frequency, duration, and purpose of use, as well as gender and education level. The dependent variable is social health, which encompasses dimensions such as social support, social integration, and loneliness. By examining these variables, the study aims to uncover the differences between social media usage and social health among university students in India and Thailand, providing valuable insights into how social media impacts the well-being of university students in these contexts. The study will also consider gender and education level as independent variables, as these factors may influence the relationship between social media usage and social health.  
 
12. Definitions of Terms 
The study makes use of the following essential terminology, which are described below. 
12.1. Social Media Use 
In this study, the term social media use will be referred as how often and in what ways university students connect with platforms like Facebook, Instagram, and Twitter, including the frequency, duration, and kind of their interactions. 
12.2. Social Health 
In this study, the social health will be described as how well students get along with others and how well they are able to build lasting relationships in their communities. 
12.3. Social Comparison 
In this study, the term social comparison will be viewed as the act of evaluating oneself against others, which can influence self-esteem and social well-being.  
12.4. Frequency 
 In this study the frequency will be described as the indication of how often students use social media platforms, such as daily or weekly usage. 
12.5.  Duration 
It is defined as the measurement of the amount of time students spend on social media during each session or over a specific period. 
12.6.  Type 
It refers to the specific social media sites or services students utilize, such Facebook, Instagram, or Twitter. 
12.7. Engagement 
It describes, in this study, as the level of interaction students have on social media, including activities like posting content, commenting, and liking posts. 
12.8. Social Support 
Social support refers in this study as the idea and experience of receiving care and support from social networks. 
12.9. Loneliness 
It is defined as the  feeling of being alone or isolated, regardless of the actual amount of social contact in this study. 
12.10. Social Integration 
In this study, it is  explained as the level to which university students feel linked and active within their social groups and communities. 
 
12.11. University Students  
People seeking undergraduate or graduate degrees aged 18–25 years who are study at Bangalore University and Chulalongkorn University, expressed as university students in this study. 
 
13. Review of the Literature 
 
The Review of the Literature will synthesize existing research relevant to the study's core themes: the influence of social media on social health, specifically among university students in India and Thailand. This section will explore key findings related to social media's impact on social well-being, provide a comparative perspective on studies and identify gaps in the literature that this study aims to address. Firstly, it explains the literature review of social media use (SMU).  Secondly, it exhibits the literature review of social health and its factors. Thirdly, it sheds light on the impact of social comparison on social media use and social health. Finally, to end with the chapter’s summary. 
 
13.1. Social Media Use (SMU) 
 
Social media has significantly changed how people communicate, obtain information, and view the world, making it an essential aspect of modern life (Ajewumi et al., 2024). According to Olugbade (2023), It has a widespread impact on a number of areas, such as social interaction, mental health, and cultural standards. Platforms like Facebook, Instagram, X, and TikTok have led the digital revolution, creating a hyperconnected global environment where people can easily interact with one another despite distance. Unexpected chances for community development and social engagement are presented by this connectedness. Nevertheless, in addition to its advantages, social media use poses a number of possible threats to social health, calling for a thorough analysis of its complex effects (Khalaf et al., 2023).  
Both the good and bad consequences of social media usage, as well as the intervening elements that affect these outcomes, must be carefully considered in order to comprehend the complex link between social media use and social health (Kumar et al., 2024). Social media usage has increased significantly due to its widespread use, especially among digital natives like teenagers and young adults who easily incorporate these platforms into their everyday lives. 
Nowadays, young people find it difficult to envision their existence without social media. Social media's ease of use and accessibility have revolutionized how people establish and preserve connections by providing previously inaccessible channels for communication and interaction (Gupta et al., 2022).  
Students can sustain interactions using social media, particularly with geographically distant friends and family (Primack et al., 2020). Students may join networks and groups using platforms like Facebook and WhatsApp, which promotes a feeling of community (Valkenburg et al., 2021). Students can express their emotions and get support from their classmates on social media (O’day & Heimberg, 2021). Low self-esteem and feelings of inadequacy can result from frequent exposure to idealized information (Fardouly et al., 2020). However, Overuse of social media can result in less in-person contacts and a sense of loneliness (Twenge et al., 2021). Social health can be negatively impacted by negative social media interactions including trolling and harassment (Cinelli et al., 2020).  
 
13.1.1. Frequency  
 
According to Andreassen et al. (2019), students who use social media excessively, that is, more than four hours a day, are more likely to suffer from negative effects including anxiety and sadness. Furthermore, Verduyn et al. (2020) proposed that moderate use (one to two hours per day) is linked to favourable effects including enhanced emotional health and social interactions. 
Because they may communicate with friends and relatives more often, frequent users frequently report having greater social ties (Primack et al., 2020). Frequent use promotes a feeling of community by enabling students to remain up to date on social and academic developments (O’day & Heimberg, 2021). Some researchers argue that, as stated, overuse of social media can result in addiction, which is linked to anxiety, sadness, and restless nights (Andreassen et al., 2019). This was confirmed in the study of Twenge et al., (2021), as social isolation may result from high-frequency users prioritizing online interactions over face-toface connections. 
 
13.1.2. Duration 
 
Verduyn et al., (2020) proposed for balanced engagement due to social media allows for meaningful contacts without being overused, spending one to two hours a day on it is associated with better social health. Contrarily, this was refuted by Fardouly et al. (2020), spending more than four hours a day on social media is linked to higher levels of stress, loneliness, and depressive symptoms. In regard to development of skills, students who use technology moderately can improve their communication and digital literacy, two abilities that are useful in both academic and professional contexts stated in the study of Cash et al., (2022). Considering  negative social  health outcomes and time mismanagement an overuse can hinder academic achievement and cut into offline time for things like studying and working out proposed by Cinelli et al., (2020). 
 
13.1.3. Types 
According to Sherlock & Wagstaff (2021), consider visual platforms. Due to their emphasis on photos and videos, platforms such as Instagram and TikTok are more likely to cause problems with body image and social comparison. It was further stated that it reduced social comparison due to text-based platforms emphasizing information over images; they are less likely to elicit social comparison. Previous studies such as Iqbal and Iftikhar (2024) and Cash et al., (2022) supported the types of social media use for informational value and professional networking and information exchange are common uses of platforms like LinkedIn and Twitter, which can improve academic and employment prospects, and for text-based platforms and informationsharing platforms like LinkedIn and Twitter are less likely to have a detrimental effect on social health, respectively. However, some researchers, such as Meier and Schäfer (2021) and Vogel et al. (2021), argued in the context of body image problems that platforms that prioritize photographs and videos, such as Instagram and TikTok, are associated with poor self-esteem and body dissatisfaction. And to emphasize real effects on students Idealized lives are frequently displayed on visual platforms, which causes irrational comparisons and feelings of inadequacy. 
13.1.4. Engagement 
Nesi et al. (2020) proposed that active engagement, such as posting, commenting, and interacting with others, can enhance social health by building close relationships. It was further claimed by Nesi et al. (2020) that posting, messaging, and leaving comments can strengthen bonds and provide emotional support. On the other hand, Vogel et al. (2021) claim that passive engagement, such as "lurking” (scrolling) through content without actively participating, is linked to negative outcomes including jealousy and loneliness. Valkenburg et al. (2021) advocated that meaningful interaction , for example, creating communities and being actively involved in groups or forums, foster a sense of recognition and inclusion.  By causing people to compare their lives with the carefully selected content of others, "lurking" or passive scrolling is associated with loneliness (Loi et al., 2020). Higher dependency on engagement reduced well-being as passive users usually report lower levels of pleasure and life satisfaction since they consume content without participating in meaningful engagement (Verduyn et al., 2020). 
Table 13.1. 
 
Chronological Research on SMU 
 
 
Author
 
Findings
 

Andreassen et al., (2019) The findings of this study suggested that social media usage (SMU), technological addiction, and social health issues are strongly correlated. Despite their minimal correlation, social media addiction and video gaming both increase feelings of loneliness, sadness, and anxiety. Younger people are more likely to use technology excessively; women prefer social networking, while men prefer gaming. Compared to people in partnerships, single people are more likely to develop an 


	
	
	
	addiction. Despite the fact that social media promotes connections, excessive use has a detrimental effect on 
wellbeing, resulting in stress and social isolation. These results highlight the necessity of maintaining healthy digital habits in order to avoid the negative consequences of excessive use of social media and technology. 

	Sherlock 
(2019) 
	and 
	Wagstaff 
	In this study, 129 women between the ages of 18 and 35 had their Instagram use and psychological health examined. The results showed that, mostly through social comparison, Instagram use is linked to body dissatisfaction, anxiety, low self-esteem, and depressive symptoms. Participants assessed themselves as less beautiful after seeing pictures of fitness and attractiveness, which strengthened their negative selfperception. The study emphasizes the dangers of excessive Instagram use while highlighting the platform's influence on mental health and self-image. Prolonged exposure may cause psychological discomfort, indicating the need for education and interventions to lessen its negative impacts on body image and self-esteem. 

	Verduyn et al., (2020) 
	The objectives of this study explained social comparison has a significant role in the association between social media use and social well-being. Social comparisons frequently have a detrimental overall effect on social health, even though they can occasionally inspire ambition and self-improvement. Because social media platforms are overflowing with selectively optimistic and idealized material, users are comparing themselves to those who appear to be better than them. These upward comparisons frequently draw attention to one's own faults, which can lead to feelings of inadequacy, worry, and poor self-esteem, in contrast to downward comparisons, which can increase confidence. Additionally, users often contrast themselves unfavourably rather than 



	
	internalizing favourable features, which cause social health difficulties. 

	Primack et al., (2020) 
	The findings of this study suggested that by fostering stronger social ties and support, moderate social media use can enhance social health. On the other hand, overuse frequently has the opposite impact, increasing young people's sense of social isolation. People who spend more time on social media could find it difficult to communicate with people in real life, substituting superficial online ties for meaningful ones. Social media may provide a feeling of community, but excessive digital interaction and comparison can be detrimental to wellbeing. Future studies should concentrate on determining if social media use directly contributes to isolation or whether those who are already isolated use it more often. 

	Nesi et al., (2020) 
	This study investigated that by connecting online and offline encounters, social media promotes community growth and social cohesion. The dynamic interplay between online and offline settings, where digital interactions may influence realworld connections, and the idea of "screen time," which emphasizes the need for a more thorough examination than just usage length, are the two main themes that this study focuses on. Social media may improve community involvement, but an over-reliance on online platforms can erode in-person relationships. To guarantee that genuine offline social integration is enhanced rather than replaced by online involvement, a delicate balance must be struck. 

	Fardouly et al., (2020) 
	Social comparison and loneliness are compounded by 
excessive use of social media, especially sites like YouTube, Instagram, and Snapchat, which can have detrimental effects. It considerably causes eating disorders and body image problems, particularly among users of these platforms, even if it doesn't directly cause an increase in depressed symptoms or social anxiety. Appearance investment, or the emphasis on 

	
	physical appearance, is a major factor that predicts depressive symptoms. Women are more affected by appearance 
comparisons, which worsen social health by feeding a vicious cycle of self-criticism and discontent. 

	Loi et al., (2020) 
	Use of social media creates upward comparisons, which exacerbates feelings of inadequacy and offers no respite from sadness or low self-esteem. Social media use causes negative comparisons, creates a sense of superiority that momentarily lowers sadness, and has no effect on self-esteem. 
The limited and perhaps superficial impact of comparison in reducing the negative effects of social media is shown by the fact that downward comparisons may provide a small 
emotional buffer against depression but fall short in addressing deeper concerns of self-esteem. 

	Cinelli et al., (2020) 
	This study investigated that Facebook and other platforms with algorithm-driven feeds magnify similar material, which leads to the creation of echo chambers. 
Reducing echo chambers and promoting varied content are two benefits; platforms like Reddit that have less algorithmic power. 


Meier and Schäfer (2021)       This study investigates the relationship between social 
comparison and envy on Instagram and inspiration, a complicated motivating condition. Using structural equation modelling to Analyze data from 385 users, the results demonstrate a positive correlation between inspiration and greater social comparisons, which is totally mediated by benign envy. Additionally, inspiration was associated with higher levels of good emotion. These findings imply that whereas jealousy and social comparison on social media frequently have detrimental impacts, they may also be motivating factors. Assessing social media's influence on social health requires an understanding of these advantages. 

Vogel et al., (2021)                  According to this study, self-esteem and self-evaluations are 
negatively impacted by upward social comparison, which involves looking at profiles that demonstrate high levels of social involvement and good practices. Conversely, a downward comparison has less of an adverse effect when profiles show less activity and harmful habits. These results support worries about social media's influence on how people view themselves and are consistent with other studies. Selfesteem can be lowered by the propensity to compare oneself to idealized online identities, underscoring the need of understanding how digital interactions affect psychological and social well-being. 

Valkenburg et al., (2021)         The relationships between teenage self-esteem and social 
media usage (SMU) have been examined in 18 prior research, with varying and modest impacts. It was shown that the majority of teenagers (88%) had no or very little impacts of SMU on self-esteem, while 4% had positive effects and 8% had negative effects. This suggests that the effect of SMU varies from adolescent to adolescent. The findings imply that future ideas and research on the effects of media cannot overlook person-specific effects.  
	Twenge et al., (2021) 
	This study findings suggest that a possible decrease in social health is associated with increased use of smartphones and the internet, more exposure to social media, cyberbullying, and unrealistic comparisons. As an alternative, technology may serve as an amplifier rather than the main cause of falling wellbeing, with other external variables (such as world events or cultural transformations) contributing independently. Although there is a strong association, it is too soon to say that technology is the only cause of the drop in teen well-being. To clarify the intricate interactions between variables and demonstrate a more direct causal link, more investigation is required. 



		O’day 	and 	Heimberg 
(2021) 
	This study findings were; people who are lonely and socially nervous interact online more problematically and look for social support on social media, maybe to make up for a lack of support in person. Both social anxiety and loneliness are linked to bad social media use; loneliness seems to be a risk factor for negative online behaviour. Conclusions One risk factor for troublesome social media use  is loneliness. 

	Cash et al., (2022) 
	The author presented the findings for example: by utilizing its reach and engagement capabilities, social media plays a significant role in shaping business trends and consumer demand. viral articles or videos on food, and a rise in demand for particular goods or groceries. The networking and communication capabilities of social media influence consumer behaviour and food sector trends. 

	Gupta et al., (2022) 
 
  
  
 
 
	According to the finding, patients look for and share healthrelated information on social media sites including Facebook, Twitter, YouTube, blogs, and forums. Emotional support and useful information about illnesses, therapies, and drugs are provided by having access to support groups and shared experiences. Sharing your health experiences and evaluations enables others to choose gadgets and treatments with knowledge. Adverse medication responses should be tracked and reported since this promotes safety and public knowledge. 

	Khalaf et al., (2023) 
	This study findings indicated that excessive use of social media and smartphones, long-term sleep loss, and problems with cognitive function, academic performance, and socioemotional health. Teens who use social media extensively are more likely to experience health discomfort, self-harm, and suicidality. 

	Olugbade (2023) 
	According to the author findings, addiction to social media negatively impacts relationships, sleep, and academic performance; TikTok is the most significant platform. 98% of students use social media, which leads to addiction in 66% of them and has a detrimental effect on academic performance. 

	
	Sleep habits are disrupted by TikTok (41% use) and other platforms, which cause people to go to bed later (71% sleeping after 1-2 a.m.). Overuse of social media has an impact on 50% of students' interpersonal interactions. 

	Ajewumi et al., (2024) 
	The author investigated that Social media may help people connect, but it can also be detrimental if used excessively or improperly. Promoting healthy consumption and successful social health interventions require an understanding of these interactions. Furthermore, Positive use of social media fosters belonging, self-expression, and social support. Overuse and social comparison increases depression, anxiety, loneliness, and low self-worth due to unrealistic portrayals of life. Cyberbullying and negative interactions worsen mental  health, especially in younger users. 


Iqbal and Iftikhar (2024) 	This study concluded that overuse of social media lowers self-
satisfaction, causes anxiety and sadness, and interferes with sleep cycles. University students' social health is negatively impacted by social media addiction. 400 students were selected for this study in order to examine the effects of Sleep, social health, and general well-being are all adversely affected by excessive social media use, underscoring the importance of moderation in usage. 
	Kumar et al., (2024) 
	In this study, the researcher stated that social media gives libraries a wider audience and more participation, making it an effective marketing tool. Although some professionals are hesitant because they lack resources or confidence, these obstacles may be addressed with the right training and approach, assisting libraries in remaining connected and relevant. Valid worries such a lack of money or experience are the root cause of resistance. Careful planning is necessary for social media activities to be successful since they might fail or damage the library's image without the right assistance. 


The majority of researchers concur that social media use that is active and moderate helps improve Social health by creating relationships and offering support (Primack et al., 2020; O’day & Heimberg, 2021). It is generally agreed that excessive and passive usage is detrimental, resulting in adverse effects including social comparison and loneliness (Fardouly et al., 2020; Twenge et al., 2021). According to some researchers, social media's detrimental impacts are exaggerated, and individual characteristics for example: like, personality and resilience foster to have a greater influence on results (Meier & Schäfer, 2021). Others argue that the benefits are minimal, especially for vulnerable populations like students who already have social health conditions (Cinelli et al., 2022). The table 2.1 defines the literature review of social media use (SMU) in chronological order. 
13.2. Social Health (SH) 
According to Barrera (2020) for vulnerable groups, like university going students, who frequently deal with social changes, financial strains, and academic stress, social health is especially crucial. Family members can assist people deal with stress and hardship by offering a consistent source of emotional support (Taylor et al., 2021). Consider the cultural differences as parameters family support is crucial to social health and is frequently more prominent in collectivistic cultures like Thailand and India (Kim et al., 2020). Peers help improve social health because they offer comparable support and empathy, particularly in academic contexts claimed by Wentzel (2022). Resources and activities that promote social connections and social health are provided by neighbourhood associations and community centres (Haslam et al., 2024). Moreover, volunteering by giving people a feeling of direction and community, community service helps improve social health (Piliavin & Siegl, 2019). According to Carver and Connor-Smith (2019), those who have proactive coping methods for various factors of social health are more adept at using social media to enhance social health. 
 
13.2.1. Social Support 
 
Social integration, resilience, and emotional well-being are all significantly impacted by social support for social health. Decreased stress concept as people who have social support are better able to handle stress and overcome obstacles (Acoba, 2024). According to Holt-Lunstad et al. (2020), a lack of social support might result in feelings of isolation, loneliness, and low Social health. Barrera (2020) stated that overdependence, personal development and self-sufficiency can be impeded by an excessive reliance on others. To have better social health, Lowered rates of anxiety, depression, and other health conditions are linked to robust social support networks claimed by Thoits (2021). An enhanced resilience proposed by Southwick et al. (2021), supportive connections aid in people's resilience development and recovery from setbacks. While introverts could find it difficult to create networks of support, extroverts are more likely to look for and receive social support (Card & Skakoon, 2020). From the individualism versus collectivism contexts, Individualistic cultures place more emphasis on self-reliance, whereas collectivistic cultures frequently include social assistance into family and community systems (Triandis, 2018). In regard to gender roles perspectives, men may prioritize instrumental help, but women are more likely to seek and offer emotional support (Taylor et al., 2021). Considering urban versus rural Settings, while rural settings frequently depend on close-knit community relationships, urban environments may offer more diversified support networks (Bekalu et al., 2019). For socioeconomic level, According to Acoba (2024), people with better socioeconomic level frequently have easier access to community services and counselling. 
 
13.2.2. Loneliness 
 
The subjective experience of social isolation, even in the presence of people, is known as loneliness. To decrease isolation,  people who use social media to communicate with others report feeling less alone, particularly if they have few offline social networks (Jackman et al., 2024). For international connections by enabling users to communicate with individuals all over the world, social media sites like Instagram and Twitter foster a feeling of global community (Lim et al., 2022). In the context of increased loneliness, an excessive use of social media might result in "social displacement," which is the replacement of in-person relationships with virtual ones, making loneliness worse (Welch et al., 2024).  With respect of social comparison perspective, people who are constantly exposed to the well-curated lives of others may feel excluded or unworthy, which can exacerbate feelings of loneliness (Singha & Singha, 2021).  
 
13.2.3. Social Integration 
 
The degree to which people engage in and feel a connection to their social surroundings is known as social integration as social media improves social integration by making it easier to join groups and events (An et al., 2024). Espinoza et al., (2024) proposed diverse Interactions as professional and academic networking is made possible by platforms such as LinkedIn and Twitter, which promote social integration in a variety of settings. Therefore, for fragmented connections, connections can become fragmented and social cohesiveness can be diminished as a result of superficial online interactions. Ognibene et al., (2023) concluded that echo chambers produced by social media algorithms may keep people from experiencing other viewpoints and hinder social integration. Liu et al., (2023) stated that to bridge social capital by allowing users to interact with a variety of organizations and grow their networks, social media assists users in "integrating" social capital. Moreover, by fostering intimate connections and offering emotional support, social media platforms like as Facebook and WhatsApp help to increase "bonding" social capital. According to Ahmed et al., (2023), social networks' trust may be undermined by false information and harmful interactions on social media, which lowers social capital. Since not everyone has equal access to digital resources or the capacity to develop social capital online, social media can make social inequality worse (Van Deursen et al., 2021). 
 
Table 13.2.  
Chronological research on SH
 
	Author 
	Findings 

	Triandis (2018) 
	This study found that in collectivistic cultures, cultural norms influence how people see themselves in relation to others by promoting social comparisons that are consistent with group ideals. Collectivistic cultural norms (such those found in 
Thailand and India) cause stress community, interdependence, and group harmony influence social comparison behavior. These principles impact one's selfperception both online and off, frequently emphasizing group accomplishment above individual success. 


Piliavin and Siegel (2019) 	This study found out that benefits of volunteering are 
amplified by diversity and consistency, and it improves health and well-being, particularly for people with fewer social relationships. Volunteering  enhances psychological and selfreported health. Volunteering that is regular and varied enhances these advantages. People who are less socially 


	
	connected benefit most from volunteering since it promotes social integration. 

	Carver and Connor-Smith 
(2019) 
	Future research to enhance stress management and health outcomes can be guided by an understanding of the interactions between coping and personality and stress adjustment. Personality characteristics and coping mechanisms have an independent and combined impact on 
social  health. Age, the severity of the stressor, and timing are few examples of factors that alter these correlations. 

	Bekalu et al., (2019) 
	This study concluded that social media use and health have a complicated relationship that calls for a more sophisticated understanding than straightforward "dose-effect" models. Regular usage of social media is associated with favourable health outcomes, such as mental health, self-rated health, and social well-being. Negative health consequences are associated with emotional connection to social media. Different socioeconomic and racial or ethnic groups experience these consequences in different ways. 

	Barrera (2020) 
	The author concluded that good social health improves resilience, well-being, and stress management by offering support. Excessive reliance on social assistance impedes personal development by diminishing independence and problem-solving abilities. Environmental and cultural variables shape the efficacy of assistance by influencing how it is utilized and perceived. To maximize its advantages and promote personal resilience, social assistance must be balanced with individual freedom. 

	Kim et al., (2020) 
	Social media usage habits and motives are influenced by cultural environment, such as Korea vs the United States. Social media use in both nations is driven by similar incentives, such as the need for friends, social support, entertainment, information, and convenience. 
The importance or weight assigned to these incentives varies 


depending on cultural beliefs. Although social media use is common around the world, cultural settings influence how and why people use these platforms, emphasizing the interaction between cultural particular and universal behaviors. 

Holt-Lunstad et al. (2020) 	A 50% higher chance of surviving is associated with stronger 
social ties (OR = 1.50). The greatest survival advantage (OR = 1.91) is demonstrated by complex measures of social integration, such as support networks and community 
participation. The impacts of simpler variables (such as living alone versus with others) are less pronounced (OR = 1.19). This link is not substantially changed by variables such as age, sex, health condition, reason of death, and length of followup. Survival rates are greatly increased by social ties, especially those that are deep and integrated, underscoring the significance of social health for general well-being. 

Card and Skakoon (2020) 	According to the author’s findings, its proposed that the 
generalization is challenged and the universal significance of social health is shown by the fact that introverts are just as prone to loneliness as others. They are not naturally better able to cope with social isolation. Since they require less social engagement, introverted people are frequently thought to handle social limitations (like pandemics) better. The results of the study show that introverts are more susceptible to loneliness and social isolation than previously believed. For both introverts and extroverts, a lack of social support has a detrimental effect on social health. 
	Southwick et al., (2021) 
	This study concluded that correcting misconceptions and addressing prevailing public opinion, TikTok data can improve the efficacy of public health initiatives. Real-time insights on public opinion, trends in disinformation, and 
COVID-19 standards may be obtained by analyzing TikTok 

	
	data. Comprehending these trends aids in customizing public health communications and enhancing mitigation tactics. 

	Taylor et al., (2021) 
	For older African Americans, church attendance is associated with emotional support; however, this is not the case for older Black Caribbeans. Both groups had comparable rates of service attendance, contact, and emotional support. Negative church contacts  insufficient group differences.  Although church involvement trends are comparable, elder African Americans and Black Caribbeans have different church support network structures and effects, indicating cultural differences in social support dynamics. 

	Thoits (2021) 
	Similar-other support (from those who have gone through the same stressor) offers special, focused help ,  is more valuable than general support. Peer supports (N = 84) discussed their experiences as recipients (after heart surgery) and givers (to heart patients).The two viewpoints of peer supporters demonstrate the effectiveness of similar-other support, which is understudied while providing specialized assistance that targets certain stresses. 


Singha and Singha (2021) 	This chapter explores the notion, causes, and consequences of 
digital loneliness, emphasizing its significant influence on mental health and overall wellbeing. It tackles the particular difficulties faced by vulnerable groups, including the elderly, young children, and those with impairments. This chapter encourages inclusivity and accessibility in digital health through customization, bridging the digital gap, and usercentered design. It also recommends including mental health support and carefully embracing emerging technology.  
	Van Deursen et al., (2021) 
	Social media has the potential to deepen social inequality because not everyone has the same access to digital resources or the ability to build social capital online. Those with limited access or digital skills may struggle to benefit from online 



	
	networks, widening the gap between different social and economic groups. 

	Wentzel (2022) 
	The authors stress the idea that well-being may appear throughout numerous dimensions and levels of functioning by identifying teacher-related, instructional, and environment aspects that influence students' subjective well-being. Furthermore, the authors find significant antecedents by examining a variety of characteristics that affect students' well-being. This work was further reinforced by the use of longitudinal designs and multi-level and multi-informant evaluations.  

	Lim et al., (2022) 
	Following the coronavirus disease 2019 (COVID-19) pandemic, loneliness and social isolation have been recognized as major worldwide health concerns. Even though there is strong scientific evidence linking loneliness and social isolation to mortality and health outcomes, there are still important problems to be solved so that decision-makers, practitioners, and health authorities throughout the world are aware of the most recent findings. To have a greater and more significant influence on social isolation and loneliness, three main interventions are proposed. These include 1) bolstering the body of data; 2) using a whole-of-systems approach; and 3) creating policy support for governments throughout the globe. In order to lessen the widespread effects of social isolation and loneliness as social determinants of health, some prioritized interventions are crucial. 

	Ognibene et al., (2023) 
	The framework used in this study provides a potential method for comprehending how to create social media platforms and integrated educational initiatives that support a happier and healthier community. 

	Liu et al., (2023) 
	Future support acquisition is influenced by structural relationships. For informational support, the number of linkages is more important than their quality. Support is 



	
	increased when health-related terminology is used. Patients gradually receive greater assistance, mostly from previous encounters, as peer searches are made easier by accumulated social capital. 

	Ahmed et al., (2023) 
	The results indicate that using social media to obtain political information enhances online interaction, however these advantages differ depending on age and perceived exposure to false information. Additionally, frequent reported exposure to disinformation is found to mobilize the older population into online political involvement, and perceived exposure to misinformation is positively related with online political engagement.  

	Haslam et al., (2024) 
	To improve our knowledge of the connection between a person's residence and social health, integrative theorizing is required. In order to do this, we present a social identity model that offers a comprehensive account of how sociopsychological processes regulate and modulate the relationships between mental health and neighbourhood.  

	Acoba (2024) 
	The connection between family and significant other support and positive affect, anxiety, and depression was considerably mediated by perceived stress, which was in line with the expectations. Support from family and a significant other reduced anxiety and sadness, raised positive affect, and reduced perceived stress. However, the association between friend support and positive affect, anxiety, and sadness was not mediated by perceived stress. 

	Jackman et al., (2024) 
	Data from 194 studies (N = 88,516) were thematically synthesized for this analysis. The most prevalent conceptualization of loneliness in the literature was social loneliness. This study found risk factors for loneliness that include intrapersonal, interpersonal, institutional, and sociocultural. Although the evidence for protective variables was less, it was still divided into two categories: intrapersonal 

	
	and interpersonal factors. Lastly, there was strong evidence of detrimental effects of loneliness in sports, such as lowered mental health and wellbeing, unfavourable social outcomes, negative motivational, affective, and cognitive effects, and maladaptive behavioural effects.  

	Welch et al., (2024) 
	This evidence and gap map evaluated the efficacy of in-person therapies to lessen social isolation and loneliness, encompassing 513 papers in total (421 primary studies and 92 systematic reviews). Less than 5% of the evaluations were categorized as good or moderate quality, while the majority (68%) were categorized as severely low quality. The majority of evaluations focused on community-based and interpersonal delivery treatments, particularly group activities and health professional-led interventions for altering cognition. The outcomes that were evaluated the most were loneliness, wellness, and anxiety/depression. None of the studies were from low-income nations; the majority were from highincome nations, primarily the US, UK, and Australia. 

	An et al., (2024) 
	The elements of DWC are essential for addressing older persons' social integration. Through DWC, senior citizens volunteer for a variety of causes, take part in community events, support one another, form social bonds, and acquire new skills, such as how to handle cutting-edge technology. 

	Espinoza et al., (2024) 
	The authors highlight the role of social connections and care in migrant integration. They argue that integration policies should prioritize social bonds and support networks beyond economic factors. Recognizing diverse care practices fosters inclusion, ensuring migrants' well-being and stronger community ties. 


 
When used responsibly and actively, social media can increase social support and decrease loneliness, according to the majority of studies (Primack et al., 2020; Cinelli et al., 2022). Most people agree that excessive usage and passive engagement, such scrolling, are bad for social health because they cause social comparison and loneliness (Fardouly et al., 2020; Twenge et al., 2021). Table 2.2 defines the chronological literature review of social health (SH).  
 
13.3. Social Comparison  
 
A  research conducted in Thailand investigated the ways in which social class and social capital impact young people' social comparison on social media. According to the research, social media increases horizontal comparisons between close friends and neighbours, which has a detrimental effect on self-esteem and raises the risk of mild to moderate depression in people of all socioeconomic backgrounds. Social health problems resulted from participants' frequent comparisons of things including lives, academic accomplishments, skills, socioeconomic position, and beauty standards (Lee, 2022). According to a study conducted among medical students in India, social networking site impression management is linked to increased levels of anxiety, despair, and social comparison. The study demonstrated the intricate link between social media usage habits and mental health by finding a substantial association between social comparison and elevated sadness and anxiety scores (Ojha et al., 2021). 
 One important way that Social media use affects social health is through social comparison. It entails comparing one's own life to the well-manicured, romanticized lifestyles of others on social media (McKenzie et al., 2023). According to Li (2019), it was stated that negative effects for example: feelings of inadequacy, low self-esteem, and sadness can result from comparing oneself to someone who are seen to be "better off". Upward comparison on social media might increase stress and anxiety in India, where there are strong social demands to achieve. Upward comparison might cause sentiments of not living up to group norms in Thailand, where collectivism is valued (Gu et al., 2022). According to Weiguo et al., (2022), making a comparison with those who are seen to be "worse off" might increase one's sense of thankfulness and self-worth. McKearney et al., (2023) stated that as per cultural context humility and modesty are valued in both India and Thailand, downward comparison may be less prevalent there.  
Social comparison has a direct impact on SH by influencing social integration, self-esteem, and emotional health. Adverse Effects: Loneliness and Isolation: People who compare themselves to others often may feel excluded or unworthy, which can result in feelings of loneliness (Reer et al., 2019). Body Image Problems: The focus on beauty standards on social media sites like Instagram might cause low self-esteem and body dissatisfaction in both Thailand and India 
(Pedalino & Camerini, 2022). According to Meier et al., (2020), social comparison might occasionally inspire people to develop objectives and better themselves. Social comparison may also promote a feeling of communal solidarity and shared identity in collectivistic cultures such as Thailand and India (Morant, 2023).  
The association between social media use and social health is significantly mediated by social comparison. Depending on people's socioeconomic origins and available social capital, social comparisons in Thailand might range in severity. For example, inadequate household capital can cause poor self-esteem and feelings of inadequacy in those from lower socioeconomic levels, which can result in mild to major depression. Higher social class people, on the other hand, may utilize social media to highlight their opulent lifestyles, which would have a different impact on their social well-being. Social comparison and its effects on SH are shaped by cultural and societal norms in Thailand and Japan (Tangmunkongvorakul, 2020).  A chronological literature review on social comparisons is mentioned in Table 2.3. According to Anilkumar (2024) collectivism is emphasized in Thai society, which may lessen the harmful consequences of upward comparison but also raise pressure to fit in with the group.  Thai culture's emphasis on contentment and mindfulness may mitigate some of the detrimental effects of social comparison The detrimental consequences of upward comparison may be intensified in India due to the country's fiercely competitive academic and professional landscape (Sharma et al., 2022).  
Table 13.3.  
Chronological research on SC 
	Author 
	Findings 

	Lee (2022) 
	The findings demonstrated that psychological well-being was adversely affected by social comparison orientation. Perceived social support exhibited no mediation impact, self-esteem had a substantial negative mediation effect, and perceived social support and self-esteem had a negative serial mediation effect in the link between social comparison orientation and psychological well-being. Social networking sites' emphasis on social comparison may cause negative feelings that lower psychological wellbeing, self-esteem, and perceived social support.  

	Reer et al., (2019) 
	The current survey study examines the relationship between social media engagement (SME) and three markers of 



	
	declines in well-being: loneliness, anxiety, and depression. It is based on a sizable representative sample of German Internet users between the ages of 14 and 39. The results reveal that loneliness, despair, and anxiety are positively connected to increases in SME. The relationship between well-being and SME is jointly mediated by FoMO and SCO; that is, declines in well-being are linked to rises in FoMO and SCO, which in turn predict SME favourably. Additionally, there is a significant correlation between SCO and FoMO, indicating that those with high SCO may be at a higher risk of developing FoMO. 

	Li (2019) 
	While self-efficacy moderated both the direct effect of upward social comparison on SNSs on depressive symptoms and the mediating effect of envy in the relationship between upward social comparison on SNSs and depressive symptoms, the structural equation modelling analysis demonstrates that envy partially mediates the relationship between upward social comparison on SNSs and depressive symptoms.  

	Meier et al., (2020) 
	This study explored whether and how inspiration is produced by cognitive-affective processing of visual social networking posts in two trials. Study 1 (N = 270) offers the first proof that users respond more favourably to Instagram nature and vacation photos that are optimized with upward comparison. This boosts well-being by facilitating inspiration through an assimilative emotional reaction (benign envy). These results are confirmed by the preregistered Study 2 (N = 408). Overall, the findings show that users might be motivated by upward comparisons on social networking sites, which could momentarily enhance their wellbeing.  

	Ojha et al., (2021) 
	To evaluate the connection between young people' SNS usage patterns and social comparison, anxiety, and 

	
	depression. A questionnaire that included social comparison, sadness, and anxiety scores as well as information on SNS usage patterns was used in this crosssectional study of medical students. Data was gathered from 220 students, with a mean age of 20.44 years. Higher social comparison, anxiety, and depression scores were linked to impression management. Anxiety and sadness ratings were significantly correlated with social comparison. 

	Gu et al., (2022) 
	According to the study, those who use social media with low mindfulness and low to medium self-esteem may have a propensity for upward social comparison. However, selfesteem lessens the threat of upward social comparison in persons with low mindfulness, and upward social comparison only has a moderating effect on those with medium or low self-esteem. The study's findings might contribute to a better understanding of social media users' rumination and offer more workable intervention ideas to make things better. 

	Weiguo et al., (2022) 
	The findings indicated that sadness and upward social comparison were significantly positively correlated. This link was largely mediated by core self-evaluation, and the indirect impact showed a gender difference, with the effect being greater for females than for boys. Additionally, PGI moderated the mediating impact of core self-evaluation for males, and the effect was stronger for those with higher PGI than for those with lower PGI. For females, however, there was no moderating impact of PGI on the indirect effect.  


Pedalino and Camerini (2022) According to the results, the  final model, Instagram 
browsing was linked to lower levels of body admiration. This relationship was entirely mediated by upward social comparison with social media influencers rather than with nearby or distant peers. Posting one's own material and making comments on other people's appearances were not 


	
	linked to body dissatisfaction. Poorer body appreciation was linked to being a teenage girl (as opposed to a young lady) and having a higher BMI. This research shows that public health initiatives are necessary to improve young women who are vulnerable to social comparison processes' positive body image and to increase awareness of social media influencers' posting habits. 

	Sharma et al., (2022) 
	With an emphasis on young individuals in India, this study investigates persuasive topics including colourism, social comparison, and mental health and how these relate to Instagram use. We recruited 726 participants to complete a questionnaire, and we utilized the self-reported data to evaluate our hypothesis. The study looked at the suggested mediation theories using a correlational, non-experimental methodology. Using control factors like the amount of time and frequency spent on Instagram, structural equation modelling failed to find a positive and significant correlation between age and social difficulties. Moreover, it was found that social comparison can lead to colourism and mental health issues. However, it was discovered that there was no significant correlation between gender and the three characteristics. 

	Mckenzie et al., (2023) 
	Social comparison, in which people assess their lives in relation to the idealized representations of others online, is a major way that social media affects social health. Many users display a meticulously manicured version of their lives, highlighting money, attractiveness, or success while leaving out hardships and difficulties. Constant exposure to seemingly ideal lives can have detrimental psychological impacts, including low self-esteem, elevated stress levels, and signs of despair and anxiety. 

	Morant (2023) 
	The findings showed that Internet addiction was predicted by race, with greater rates of Internet addiction among 



	
	African American college students. Furthermore, nomophobia was strongly predicted by greater levels of vertical individualism and vertical collectivism, whereas lower levels of Internet addiction were significantly predicted by higher levels of horizontal individualism and higher levels of vertical individualism, respectively. Nomophobia was more prevalent among students who exhibited greater degrees of vertical individuality and vertical collectivism. Through the creation of 
comprehensive intervention and preventative programs for young college students at risk for Internet addiction and nomophobia, these findings might result in good societal change. 

	Anilkumar (2024) 
	This study looks at how Mumbai's urban young people' eating habits, body image, and social media use relate to one another. It investigates use trends, examines how bodycentric material affects attitudes and actions, and gauges young people's knowledge of social media's possible link to eating disorders and mental health issues. According to this study, social media has taken center stage for weight reduction initiatives, dietary trends, and ideals related to body image that aren't always supported by data. 360 Respondents aged 15-29 years often engage in photo manipulation, make dietary adjustments, and compare themselves to others on social media. These results shed light on the nuanced role that social media plays in the lives of young adults, emphasizing the necessity of focused interventions and the promotion of media literacy to encourage safe online conduct. 

	Mukherjee et al., (2024) 
	According to the study, among business management students in Bangladesh, India, and Russia, perception, emotion, attitude, teacher-student interactions, and peer interaction all have an impact on learner satisfaction (LS), 


which is partially mediated by motivation. The study's psychological framework and structural equation modelling showed a strong correlation between all of the exogenous and endogenous factors. By demonstrating a strong and favourable correlation between attitude and motivation, the replies from the 1008 students throughout the pandemic support two crucial learning theories, namely Social Constructivism and Media Richness Theory. For LS, how the students see the administration and material is crucial. Bangladeshi pupils favoured aided learning, whereas Russian and Indian students valued peer learning. 

 
Social comparison processes, which serve as mediators influencing social health outcomes, are greatly influenced by social media use Studies conducted in Thailand and India have shown that social comparison on social media is linked to poor mental health outcomes, such as anxiety and sadness. Developing treatments to encourage better social media use and lessen negative impacts on social health requires an understanding of these interactions (Mukherjee et al., 2024). 
 
13.4 Cultural Context of both universities 
 
The widespread use of social media has had a profound impact on the lives of 18–25-year-old university students in Thailand and India, impacting their social well-being in a number of ways. Although the ways in which these platforms affect young adults in both nations are similar, their experiences are markedly different due to cultural circumstances (Banerjee et al., 2020. Excessive use of social media has been connected to higher anxiety levels among college students in Thailand and India. Frequent usage of social media is strongly positively correlated with increased anxiety, according to an Indian study, especially when interactions entail unpleasant material or social comparisons (Statista, 2023). On the other hand, constructive interaction on these platforms shown promise in reducing anxiety. Similarly, studies conducted in Thailand found that excessive usage of social media increases anxiety in teenagers by intensifying feelings of inadequacy and fear of missing out FOMO (Wongkitrungrueng & Assarut, 2020). Due to the broad availability of smartphones and reasonably priced internet, university students in Thailand and India both engage in social media at high levels. In both nations, students often use social media sites like Facebook, YouTube, and Instagram for communication, entertainment, and academic reasons. Scholars contend that social media is a key instrument for preserving social ties, particularly for young individuals adjusting to adulthood (Kaur et al., 2021);). 
 
In both situations, the social comparison theory (Festinger, 1954) is quite pertinent. Social media comparisons between Indian and Thai students and their friends and influencers are common, and they can result in anxiety, low self-esteem, and body image difficulties (Jiaqing al., 2021). These issues are made worse by the carefully controlled nature of social media information, as young adults aim to live up to inflated ideals of beauty and success. Social media offers a forum for identity creation and self-expression in both cultures. Students from Thailand and India utilize social media to highlight their cultural beliefs, interests, and accomplishments (Prukkanone et al., 2020). 
 
This is consistent with the uses and gratifications hypothesis, which holds that people utilize media to satisfy particular needs including social connection and self-presentation. The uses and gratification theory, a framework for comprehending these behaviors is provided by theory, which contends that people use social media to satisfy particular needs including selfexpression, social engagement, and enjoyment. Users may suffer negative psychological impacts, though, if these demands are not satisfied or result in unpleasant experiences Katz et al., 1973). According to Thai studies, social media may improve psychological health and social interactions, but when used improperly, it can have unfavorable effects (Bhatiasevi, 2024). 
However, key distinctions between Thailand and India are highlighted by Hofstede's notion of cultural dimensions. India has high collectivism and power distance ratings, which have an impact on young people' social media usage. Indian students tend to prioritize social and familial expectations, which makes them cautious when using the internet to prevent "shame" from being brought to their families (Pinch et al., 2022).  
 
Thailand, on the other hand, is likewise collectivist, but it places more value on "kreng jai"— the idea of avoiding conflict or inconvenience—which may cause Thai students to steer clear of contentious subjects on the internet (Hyun, 2020). Though in various ways, religion has a big influence on how people behave on social media in both nations. Social media is often used to disseminate religious information and take part in online religious communities in India, where Islam and Hinduism are the most common religions (Sharma & Shivakumar, 2023). Social media is utilized to encourage mindfulness and sociall health in Thailand, where Buddhism is widely practiced. This reflects the nation's emphasis on spiritual health (Inta et al., 2023). Due to varying support networks, social media's effects on social health vary. In order to counteract the detrimental impacts of social media, Indian students frequently turn to their extended family networks for emotional support (Gaur & Gupta, 2021). The idea of "sanuk" (fun) and a strong feeling of community may promote more constructive social media interactions in Thailand, but stress can also result from the need to uphold peaceful connections online (Wongkitrungrueng & Assarut, 2020). 
 
Social media's impact on students in Thailand and India is greatly influenced by cultural circumstances. Teenagers may experience more stress as they balance traditional expectations with contemporary digital influences due to Thailand's collectivist culture, which places a strong emphasis on social harmony and community relationships. When online activities deviate from social standards, this cultural background might make anxiety worse. The varied cultural environment of India, on the other hand, poses a unique set of difficulties. Indian youth's quick adoption of social media has exposed them to a wider range of perspectives and lifestyles, which may cause anxiety and social comparison. According to a research, Indian college students who use social media often report having greater levels of social anxiety. This suggests that, depending on usage patterns, social media platforms may both link and isolate people. The social health of college students in Thailand and India is influenced by social media in two ways. It can lead to isolation, particularly in collectivist cultures where online behavior is closely monitored, according to some researchers (Anderson & Jiang, 2018).  
 
While others contend that it promotes connections and gives access to mental health resources (Khan et al., 2022; Prukkanone et al., 2020). Social media creates cultural worries regarding homogeneity due to Western influence (Thussu, 2018). However, many students use these platforms to preserve and promote their cultural heritage, sharing traditions and local art 
(Sharma & Shivkumar, 2023; Inta et al., 2023). Social media use is also influenced by gender. While men are under pressure to live up to macho standards, female students' online presence is restricted in India by patriarchal conventions (Banerjee et al.,, 2020). On the other hand, LGBTQ+ students can find safer online places for self-expression in Thailand due to its more flexible gender norms (Newman et al., 2021). Social media based on Bandura’s social learning theory, may be an effective learning and self-expression tool, particularly for students who acquire media literacy. How people interact with it determines how it affects social health. Moderate and intentional usage improves wellbeing and interpersonal connectedness, while excessive use can exacerbate anxiety. Understanding these subtleties can aid in the development of more effective solutions that optimize social media's positive effects while reducing its negative ones (Kountroubas & Galanakis, 2022). 
 
According to recent studies, Indian university students spend a significant amount of time on electronic gadgets. In a cross-sectional study of Indian students, Gupta et al. (2022) discovered that the students' average daily screen use, including social media, was between five and six hours. According to the study, too much screen time might raise stress levels, reduce physical activity, and increase reports of sleep disturbances. The authors proposed a causal relationship between declining mental and social wellness and excessive screen use. According to a different research by Sidiq et al. (2024), social media use in moderation can promote academic collaboration and offer emotional support, which, when utilized sensibly, can also act as a buffer against feelings of loneliness.  
 
While there are certain parallels between Thai university students, cultural factors also play a role. According to Ne Ville & Sirasoonthorn (2021), Thai students had a somewhat higher average screen time of six hours per day, with social media serving as the primary medium for both academic and personal communication. Excessive screen time was linked to stress related to maintaining group peace and worries about social marginalization in Thailand, a collectivist nation. According to Chinapong & Amornsriwatanakul (2023), social media may improve social health when used responsibly. It serves as a means of accessing social and mental health resources and a means of sharing social relationships. 
 
Globally, people spend around 6.5 hours a day on screens of all kinds, including computers, TVs, and cellphones, with 2.5 of those hours spent on social media (Kemp, 2024; Perieira et al., 2024). However, the patterns may vary greatly from nation to nation. For instance, in India, research indicates that university students use social media (Facebook, Instagram, and WhatsApp) for 3 to 5 hours a day on average, with 68% of respondents stating that too much screen time has a negative effect on their sleep (Candussi et al., 2023; Kolhar et al., 2021). According to the Kantar ICUBE Report (2023), Indian internet users use their mobile devices for an average of 4.7 hours per day, with 35% of total time spent on social media, mostly YouTube and Instagram. On average, Thai users spend 3.4 hours a day on social media, mostly on Facebook, Line, and TikTok (ETDA, 2023; Chaihanchanchai & Anantachart, 2024).  
 
University students, on the other hand, utilize the app for non-academic activities for a significantly higher average of 4.2 hours per day. 72% of Thai students reported using their mobile device for five or more hours per day, according to a research done with Chulalongkorn 
University students, indicating that the country's reliance on digital gadgets is only increasing.  
With an average of 4.5 hours per day on social media in the United States, Gen Z (ages 18 to 24) is the most digitally active group in the world. Similar patterns have been seen in Thailand and India (Anderson et al., 2023). Indian undergraduate students use TikTok and Line the most, spending 3.8 hours a day on platforms like YouTube and WhatsApp, while Thai students spend slightly more, 4.1 hours (Deshpande et al., 2022). Due to social media and streaming, India's average screen time is predicted to increase to 5.1 hours per day by 2025, while Thailand's is predicted to stay constant at 3.8 hours (Statista, 2024). According to Dixon (2024) Meta (Facebook) poll, Indian university students use social media applications for 27 hours a week, whereas Thai students use them for 23 hours. This finding supports India's greater engagement rates. 
 
India uses social media more often than Thailand (3–4 hours per day), with university students in both nations experiencing negative effects from excessive screen time, such as interruptions to their studies and mental health issues. As a reflection of regional digital tastes, Thailand 
Favors TikTok and Line, whereas India is dominated by platforms like YouTube and WhatsApp. Both findings emphasize how extended screen usage is linked to detrimental effects including anxiety, disturbed sleep, and decreased physical activity. While long-term exposure was associated with academic stress and social comparison in India (Gupta et al., 2022), stress and social anxiety were caused in Thailand by the need to fit in with a collectivist framework ( Ne Ville & Sirasoonthorn (2021). 
 
On the other hand, studies have also backed up the notion that social media use that is intentional and controlled can have advantageous effects. According to Sidiq et al. (2024) from India and Chaihanchanchai & Anantachart (2024) from Thailand, balanced digital engagement can improve academic cooperation, encourage cultural exchange, and build interpersonal connectedness. Additionally, research shows that social media is becoming a more popular way for people in both nations to acquire mental health information (Tangmunkongvorakul et al., 2019). Although the advantages are most noticeable when digital involvement is intentional rather than excessive, Anderson and Jiang (2018) offer early evidence that such access can be advantageous, which is supported by further study conducted in Thai (Chinapong & Amornsriwatanakul (2023) and Indian (Gupta et al., 2022). While some researchers (Anderson & Jiang, 2018; Candussi et al., 2023) believe that social media use in moderation can improve social health by connecting people and giving them access to resources, others contend that excessive use has the opposite effect (Mupppalla et al., (2023); Ne Ville & Sirasoonthorn (2021). The disparity in results is frequently ascribed to differences in personal routines, the degree of virtual communication, and the larger cultural context. For instance, detractors point out that while digital connections may be freeing and powerful in more individualistic circumstances, the scrutiny of online conduct may increase stress and feelings of loneliness in collectivist settings (Muppalla et al., 2023). 
 
13.5. Conclusion 
 
Numerous reviews of the arguments pertaining to social media use, social health, and social comparison have shown a complex link. Even while social media has many advantages, excessive or inappropriate usage can be detrimental to one's social and mental health. Developing ways to encourage social media use in a healthy way and lessen its negative consequences requires an understanding of these dynamics. Future studies should concentrate on individual differences, cultural variances, and how algorithmic design shapes user experiences. In the digital era, promoting resilience and social health requires striking a balance between social media's advantages and disadvantages. Several research support the notion that social media may be an effective tool for crisis management and public health communication. More effective public health messaging has been made possible, for instance, by the analysis of platforms such as TikTok, which has yielded insights into patterns in disinformation and public opinion. The benefits of social involvement on psychological well-being are also highlighted by research on volunteering and social integration, especially for those with weaker social links. 
The influence of social media, according to earlier study, varies depending on individual variations, usage habits, and cultural environment. For example, research comparing Korean and American college students revealed that although the reasons for using social media were similar (e.g., looking for information, amusement, or friends), the importance of these reasons differed depending on cultural values. Furthermore, studies on comparable-other support—that is, support from others who have gone through similar things; indicate that it works better than general support because it targets certain stresses directly. 
 
However, there is a nonlinear association between social media use and social health. Overuse frequently results in mental misery and social isolation, whereas moderate usage can improve wellbeing and social integration. Contrary to common opinion, research has shown that introverted people are more susceptible to the negative impacts of social media and feel more lonely when they are socially isolated. This calls into question the notion that introverts are less impacted by less social engagement. Furthermore, overuse of social media frequently makes social comparison worse, which can have detrimental effects including loneliness, low selfesteem, and mental health problems. Users may feel inadequate or unsatisfied with their own life as a result of the carefully chosen content on sites like Instagram and TikTok. According to research, upward social comparisons; that is, comparing oneself to those who are seen as superior; are especially damaging and can lead to anxiety and melancholy. Additionally, unpleasant interactions on social media and cyberbullying can cause social health, particularly among younger users. Because users may get too reliant on outside acceptance, relying too much on social media for validation can also impede personal development and independence. 
 
14. Research framework  
 
The research framework for this study is designed to explore the relationship between social media usage and social health among university students in India and Thailand. This framework visually represents the key variables of interest and the hypothesized relationships between them. It provides a conceptual model that guides the study, helping to identify the factors that influence social health in the context of social media use. 
 
14.1. Key Components of the Research Framework: 
The conceptual framework will focus on: 
1. Independent Variables (IVs) → Gender, Education level, Social Media Use (Frequency, Duration, Type, Engagement) 
 
1. Frequency of Usage: How often students use social media platforms. 
2. Duration of Use: The amount of time spent on social media platforms daily. 
3. Type of Usage: The purpose of social media usage, such as for communication, academic purposes, entertainment, or social comparison. 
4. Engagement Type: Active engagement (posting, commenting, sharing) versus passive consumption (browsing, scrolling). 
 
2. Dependent Variables (DVs) → Social Health (Social Support, Loneliness, Social Integration, Social Comparison) 
 
1. Social Support: The emotional, informational, and instrumental assistance received from social networks. 
2. Social Integration: The degree to which students feel connected to their university community and peer groups. 
3. Loneliness: Feelings of social isolation and lack of meaningful social interaction. 
4. Social Comparison: The impact of comparing oneself to others on social media, which can influence self-esteem and social well-being. 
 
14.2. Conceptual Model: 
The conceptual model can be illustrated as follows: Figure 1 diagrammatically illustrates the conceptual model. 
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                                                 Figure 3. Conceptual Model  
 
15. Methodology 
 
This section outlines the methodological approach for investigating the relationship between social media usage and social health among university students in India and Thailand. The study will use a quantitative research design with comparative approaches. Data will be collected through surveys, and the analysis will focus on examining difference between social media usage and social health, as well as comparing the outcomes between students from the two countries. 
This chapter describes the methodology used in the present study as follows: 
 
15.1. Research design 
15.2. Population & Sampling 
15.3. Research Instruments 
15.4. Data Collection 
15.5. Data analysis 
 
15.1. Research Design  
 
A thorough plan that outlines the researcher's approach to answering the study questions is called a research design. According to Bougie and Sekaran (2019), it is a mix of techniques and protocols for gathering data, analysing it statistically, and interpreting it. A predictive research strategy was the best option because the study's objectives were to evaluate suggested hypotheses and test accepted theory. According to Saunders et al. (2019), this approach emphasizes cause-and-effect connections between variables. To anticipate changes in the dependent variable, it makes use of statistical models and forecasting methods like as regression. This approach emphasizes cause-and-effect connections between variables and utilizes statistical models such as t-tests to predict and compare variables. To make inferences about the correlations and predictions, the process entails determining variables, gathering data, using statistical methods, and evaluating the outcomes. This study used a quantitative monomethod approach, analysing relationships between variables only using numerical data. According to Harbers & Ingram (2020), quantitative research uses both descriptive and inferential statistics for analysis. Because of its efficiency, cost-effectiveness, and dependability, a survey approach was selected for data collecting. To collect replies from participants, a customized questionnaire was created. In order to gather data at a particular moment in time within a constrained timeframe, the study also employed a cross-sectional temporal horizon. Although this method is useful, it could make it more difficult to record dynamic changes over time, which could have an impact on the breadth of insights. Figure 4.1 provides a summary of the research design. 
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                                 Figure 4.1 An adopted research design for this study 
 
	This figure visually represents the researcher's proposed conceptual framework and methodological approach for the study, outlining the hypothesized relationships and the flow 

	of the research process.
	 


 
 
A comparative design will be used to examine whether there are differences between social media usage (independent variable) and social health (dependent variable) across two countries (India and Thailand) population. By using this design, the study can uncover both the overall patterns of social media usage and its impact on social health. The research will utilize selfadministered online surveys to collect data from participants. A structured questionnaire will be used, ensuring the inclusion of key aspects such as confidentiality, informed consent, and demographic information. Data will be collected from 400+ 10%=440 participants 220 university students from India and 220 from Thailand within the age range of 18-25 years, the demographic most actively engaged with social media. 
 
15.1.1. Key Features of the Research Design: 
 
1. Cross-sectional: Data will be collected at a single point in time to provide a snapshot of how social media usage relates to social health outcomes among university students in both India and Thailand. 
2. Cross-Comparison: The study will compare social media usage and social health outcomes between university students in India and Thailand, two collectivist cultures with distinct societal norms and values. 
3. Descriptive and inferential statistics: Descriptive statistics will be used to summarize the data, while inferential statistics (e.g., T-test) will be employed to test the research hypotheses. 
 
15.2. Population and Sampling 
 
The target population for this study consists of university students aged 18-25 years who are enrolled in undergraduate or postgraduate programs at universities in India and Thailand. This age group is ideal for examining the social health of university students, as they are in a critical phase of life marked by academic, social, and personal development. According to Sarkar and Al-Muaalemi (2022), a population is the set of people that a researcher wants to examine. According to Bhatt (2020), a population comprises all pertinent components within a certain group. The link between young people' usage of social media, social health, and social comparison is the main emphasis of this study. Young adults from Chulalongkorn University in Thailand and Bangalore University in India make up the target demographic because they offer a comparative viewpoint on the effects of social media in two different cultural contexts. Students in India and Thailand who are enrolled in undergraduate or graduate programs and are between the ages of 18 and 25 make up the study's target demographic. Because it marks a pivotal stage of intellectual, social, and personal development, this age group is essential for studying social health. The Indian population census, originally scheduled for 2021, has been delayed due to logistical challenges and disruptions caused by the COVID-19 pandemic. (Population Reference Bureau). So, as per census 2011 there are 231,950,671 people in India who are between the ages of 18 and 25 (121,567,089 men and 110,383,582 women) spread throughout 3,287,263 km² (Census of India, 2011). With 4,165,022 men and 3,966,533 females, young adults in Thailand between the ages of 15 and 24 make up 12.31% of the country's total population (Bureau of Registration Administration, 2023). Although these numbers offer a wide range of demographics, the study's emphasis on college students may restrict its applicability to young people who are not enrolled in school. Furthermore, social health outcomes may be impacted by regional and cultural variations between Thailand and India, which calls for a thorough comparison study. The study's significance is underscored by the sizeable populations in both nations, but they also provide difficulties in guaranteeing representative sampling.  
Nevertheless, as this information is self-reported, ensuring relevance and representativeness, it might not accurately reflect all students. Although it is important to recognize the limits in data representation, both universities offer unique demographic backgrounds for comparison research. According to Sekaran and Bougie (2019), the sample frame is crucial since it is frequently impossible to collect data from the full population due to financial and temporal constraints. Ziafatit (2021) emphasizes the sampling frame's function in representing the population by defining it as a list of units from which the sample is taken. Olteanu et al., (2019) identifies two primary justifications for its significance: it reduces bias, guaranteeing study validity, and it allows researchers to extrapolate results from the sample to the public. The influence of social media use on social health and cross-social comparison among young people from Bangalore University in India and Chulalongkorn University in Thailand is the main topic of this study.  
 
15.2.1. Sampling  
 
Finding the right sample size is essential to the validity and generalizability of research. Recent research has shown that using only conventional "rules of thumb" without taking important aspects like impact size into account might result in insufficient sample sizes. (Mooi et al., 2018) Patel (2024), for example, highlights that effect size is crucial to sample size estimate and that ignoring it might jeopardize the accuracy and power of the study. In a similar vein, Bujang (2024) offers recommendations for calculating sample sizes in correlation studies, emphasizing the significance of matching sample size to statistical power and research aims. Furthermore, according to Makwana et al., (2023), the strength of a sample size depends more on sampling accuracy than just the quantity of samples, indicating that accurate sampling methods are essential for trustworthy study findings. Thus, determining the sample size carefully while taking effect size and sampling accuracy into account is crucial to generating reliable and broadly applicable study findings.  
According to Memon et al. (2021), sample size is the total number of respondents who completed the research questionnaire. They stress that a number of important factors influence sample size, including the complexity of the research model, the number of variables, time constraints, analytical tool selection, and expected response rate. In order to prevent underpowered results, conventional recommendations, such the sample-to-construct ratio, recommend a minimum ratio of 15:1 or 20:1 above 5:1. In this study, after carefully reviewing, the researcher adopted the Taro Yamane's formula (Yamane, 1967), calculation to determine the ideal sample size. 
 
15.2.2. Sample Size Determination 
 
The sample size for this study was determined using Taro Yamane's formula (Yamane, 1967), which is widely used in social science research to calculate a representative sample size from a finite population.  The sample size for this study was determined using Taro Yamane's (1967) formula, which is expressed as: 
The formula is: 
N n = 1 + N(e)2 
 
 
Where: 
· n = required sample size 
· N = population size 
· e = margin of error (set at 0.05 for a 95% confidence level) 
The margin of error (\( e \)) of 0.05 indicates a 5% acceptable error level, ensuring a balance between precision and feasibility in data collection. 
 
 
15.2.3. Population Data 
 
For this study, the total population consists of students from Bangalore University in India (300,000) and Chulalongkorn University in Thailand (37,626), resulting in a combined population of: 
 
N = 300,000 + 37,626 = 337,626 
Substituting the values into the formula: 
 
n [image: ] 
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n [image: ] n ≈ 400 
Thus, the required sample size for the combined population of both universities, with a 5% margin of error, is approximately 400+10%=440 participants.  
 
 
15.2.4. Final Sample size 
 
The study calculates that 220 individuals from Bangalore University in India and 220 participants from Chulalongkorn University in Thailand make up the proper sample size using Taro Yamane's method. These sample sizes are thought to be statistically representative of the populations they represent, guaranteeing the validity and reliability of the results. The study's overall credibility is strengthened by eliminating sampling mistakes and improving the accuracy of its results through the maintenance of proportionate representation. 
 
15.2.5. Participants characteristics  
 
 
The study targeted university students aged 18–25 years from Bangalore University (India) and Chulalongkorn University (Thailand). Participants were selected to reflect the following characteristics:  
1. Age: 18–25 years (representing emerging adulthood).   
2. University Affiliation: Full-time students enrolled in undergraduate or postgraduate programs.   
 
This criterion specifically refers to individuals formally enrolled in a master's or doctoral degree program who are concurrently maintaining a full academic course load as stipulated by 
	their respective institutions. This ensures that participants share a comparable academic commitment and level of engagement within the university environment, distinguishing them 

	from part-time students or those primarily engaged in external full-time employment.
	 


 
3. Academic Discipline: A mix of disciplines (humanities, sciences, engineering, social sciences) to ensure diversity. 
4. Social Media Usage: Active daily users of at least one social media platform (e.g., Instagram, Facebook, WhatsApp).   
 
Counter: In this study, random sampling may not be feasible for these distinct groups and especially when using online surveys or via social networks. 
 
 
15.2.6. Sampling Method   
 
This study assimilates a stratified purposive sampling technique to establish both contextual depth and analytical comparability between the two selected study institutions: Bangalore University (India) and Chulalongkorn University (Thailand). Within each university, participants will be purposively selected based on the following inclusion criteria: age (18–25 years), full-time enrolment in undergraduate or postgraduate programmes, active daily social media usage, and representation from diverse academic disciplines (e.g., humanities, sciences, engineering, and social sciences). Moreover, purposive sampling is an ideal choice of sampling strategy, as it elaborates the research information-richly and directly aligns with the study’s objectives (Palinkas et al., 2015). Unlike random sampling, which assumes homogeneity and generalisability across a broader population, purposive sampling recognises that the value of comparative insight often lies in selecting participants who reflect critical attributes relevant to the research questions—such as age, academic engagement, digital behaviours, and disciplinebased diversity. In this context, random selection from departmental lists would not adequately guarantee the inclusion of key subgroups (e.g., students from varied academic disciplines or rural backgrounds), nor would it accommodate the practical limitations associated with online data collection in geographically dispersed campuses. Therefore, in this study, to strengthen distinctiveness and internal validity, purposive selection within each university targets representation across academic faculties (e.g., humanities, sciences, engineering, and social sciences), gender, and urban versus regional student status. 
 In accordance with best practices for online surveys, recruitment will be carried out via digital platforms prevalent in each country, such as university-specific WhatsApp groups and Line groups (for Thailand), and leverage existing academic and social peer networks with weekly reminders to promote participation (Dillman et al., 2014). To guarantee voluntary and private participation, digital permission will be acquired from each participant. Furthermore, working with universities made it easier to include students from both urban and rural areas, enabling a more thorough examination of variations in cultural norms and internet availability. By guaranteeing that the sample fairly represents the larger student body, this method improves the study's validity. 
 
15.2.7. Research procedures 
 
1. Literature Review 
  
The researcher reviewed studies on the influence of social media on social health among university students in India and Thailand. This literature highlighted both positive and negative impacts, forming the basis for the study's methodology. 
 
2. Determination of Sample Group Characteristics   
  
The study targeted university students aged 18–25 years from India and Thailand, stratified by academic discipline. Participants were active social media users enrolled in undergraduate or postgraduate programs. 
 
3. Research Instruments   
 
Respondents must choose the best answer from a properly crafted list of questions with welldefined response alternatives called a questionnaire (Sekaran & Bougie, 2019). Saunders et al. 
(2020) state that explanatory or descriptive research is the main application for questionnaires. They also stress that studies that are analytical or explanatory allow researchers to evaluate the connections among the constructs they are studying. In order to gather information from young adults enrolled in Bangalore university in India and Chulalongkorn university in Thailand, this study used a questionnaire. In the survey, questionnaire will consist of Three main parts: Firstly, Part 1 examines general information including; sex, education, age, most frequently used device, primary location social media most often. Secondly, Part 2 examines the Social Media Usage Section SMUIS) (frequency, types, duration, engagement). Thirdly, Part 3 assess the Social Health (SH) among young adults from Bangalore university in India and Chulalongkorn university in Thailand.  
 
3.1. Social Media Use (SMU) Instrument 
Four major aspects of social media use are assessed in this study: frequency, type, length, and engagement. The social media platforms that people use, including Instagram, Facebook, Twitter, and LinkedIn, are identified by the sorts of social media dimension. While engagement level gauges how actively users connect with content, liking, commenting, sharing, or making posts; duration of usage measures the overall amount of time spent on social media each day. 
This study measured social media use with four items adapted and on 5-point Likert scale; 1  Never (Not at all during the day), 2 – Rarely (1- 3 times a day), 3 – Sometimes (Several times a day (4-6 times), 4 – Often (Frequently throughout the day (7-9 times), 5 - Very Often (Almost constantly throughout the day (more than 10 times) from Bashir and Gupta (2018) and Bekalu et al., (2019). 
 
3.2. Social health Instrument 
Social comparison and social media use are used to measure social health by evaluating the effects of people's online interactions on their overall wellbeing. Social media use can promote relationships while also having unfavourable effects like social comparison, which can make people feel inadequate or alone. Researcher of this study, to learn about the impact of social comparison and how social media compassion might enhance general social health by assessing how social media use affects social support, loneliness, and integration. Therefore, measurement items are adapted from Zimet et al., (1988), Cohen & Wills (1985), and Keyes (1998) and on 7-point Likert scale; 1 - Strongly Disagree, 2 – Disagree, 3 - Somewhat Disagree, 4 – Neutral, 5 - Somewhat Agree, 6 – Agree, 7 - Strongly Agree. 
 
4. Informed Consent 
 
Participants will be required to provide informed consent before completing the survey. The consent form will include information about the study's purpose, the voluntary nature of participation, confidentiality of responses, and the right to withdraw at any time without penalty. Informed consent will be obtained via a checkbox mechanism within the Google Forms survey. Prior to accessing the survey questions, participants will be presented with the Participant Information Sheet and Consent Form. They will be required to check a box indicating their agreement to participate, confirming that they have read and understood the information provided and consent to participate voluntarily. Participants will not be able to proceed with the survey unless this checkbox is selected. 
 
5.Confidentiality 
 
Data will be stored in password-protected files, and all personal identifying information will be removed to ensure anonymity. Only the research team will have access to the raw data. 
 
6. Ethical  	Approval 
 
The study will seek approval from the Institutional Review Board (IRB) at the universities involved in the research. Ethical guidelines, including those related to data handling and participant welfare, will be followed throughout the research process. 
 
7. Data Collection  
 
Data was collected online using surveys shared via links. Participants completed the survey anonymously within 15–20 minutes, with data collection spanning two months. Participants will be given a two-week window to complete the survey. Reminders will be sent during the collection period to encourage participation and ensure an adequate response rate. 
 
 
15.3. Research Instruments 
 
Data will be collected using a self-administered online survey that includes two main sections: social media usage and social health. 
 
The research will utilize the Social Media Use Integration Scale (SMUIS) and the Social Wellbeing Scale (SWBS). These instruments are widely published and commonly used in academic research, particularly within the social sciences. Based on established academic practice and the public availability of these scales, formal permission from their original developers is generally not required for their use in research, provided proper attribution is given. The scales will be cited appropriately in the methodology section and bibliography of this proposal to acknowledge their origin and ensure academic integrity. 
 
 
15.3.1. Software 
 
The online survey approach was mostly used in this study to obtain data. Due to its perceived advantages in terms of cost-effectiveness and efficiency, the online survey technique is preferred (Kumar, 2019). Therefore, an online survey made with Google Forms will be used in this investigation. Young adults enrolled at Chulalongkorn University in Thailand and Bangalore University in India will only be qualified as respondents. Prior to gathering data, the researcher tried to determine which institutions would be the sites of the actual data collecting.  
Prior to filling out the survey, participants will need to give their informed permission. Information on the study's objectives, the voluntary nature of participation, response confidentiality, and the freedom to discontinue participation at any moment without incurring penalties will all be included in the consent form. To maintain anonymity, all personally identifiable information will be eliminated and data will be kept in password-protected folders. The raw data will only be available to the study team. The Institutional Review Board (IRB) at each of the participating universities will be asked to approve the study. The study procedure will adhere to ethical standards, particularly those pertaining to participant care and data handling. 
 
The data will be analysed using SPSS (Statistical Package for the Social Sciences) version 30, a widely used software tool for conducting statistical analyses. This software will allow for both descriptive and inferential statistical analyses to test the research hypotheses. 
 
15.3.2. Social Media Usage 
 
The Social Media Use Integration Scale (SMUIS) (Lin, Wang, and Chen (2016),) will be adapted to measure the frequency, duration, and type of social media usage. This instrument will assess: 
1. Frequency: How often participants use social media (e.g., daily, several times a week). 
2. Duration: The average amount of time spent on social media per day. 
3. Purpose: The reasons for using social media (e.g., for socializing, academic purposes, or entertainment). 
4. Engagement Level: Active use (posting, commenting, sharing) versus passive use (scrolling, viewing). 
 
15.3.3. Social Health 
 
The Social Well-Being Scale (SWBS) (Keyes, 1998) will be used to measure various dimensions of social health, including: 
1. Social Support: The emotional, informational, and instrumental support received from family, friends, and peers. 
2. Social Integration: The sense of belonging to a community or group. 
3. Loneliness: The feeling of social isolation and the lack of meaningful social interactions. 
4. Social Comparison: The extent to which participants compare themselves to others on social media. 
The SWBS consists of Likert-scale items that assess the degree to which students agree with statements about their social interactions, sense of belonging, and social satisfaction. 
 
1.Social Media Use Scale (SMUS) 
 
Scoring System  
The SMUS comprises 22 items divided into five subscales: Social Interaction (5 items), 
Entertainment (4 items), Information Seeking (4 items), Convenience (4 items), and Social Comparison (5 items). Participants rated their frequency of engagement on a 5-point Likert scale (1 = Never to 5 = Very Often). Reverse scoring was applied to six items (Items 2, 8, 9, 11, 17, 21) to mitigate response bias. Subscale scores were calculated by averaging responses for each dimension, and the overall SMUS score was derived from the mean of all subscales. 
Higher scores indicate greater social media engagement.  
  
Reliability 
The SMUS demonstrates strong internal consistency, as evidenced by prior studies (Lin et al., 2016). The Social Media Use Scale (SMUS) demonstrates strong psychometric properties, particularly in terms of reliability and validity, as supported by prior research and the findings of the current study. In terms of reliability, the SMUS exhibits robust internal consistency, with Cronbach’s alpha coefficients for each subscale exceeding the widely accepted threshold of 
0.70 (Nunnally & Bernstein, 1994).  
 
Validity 
Regarding validity, the SMUS demonstrates strong content and construct validity. The scale was developed based on the Uses and Gratifications Theory (UGT) (Katz et al., 1974), ensuring that its items are theoretically aligned with key constructs such as social interaction and information seeking. To further establish content validity, the items were reviewed by a panel of three experts in media psychology, who confirmed their relevance and clarity. Construct validity was assessed through confirmatory factor analysis (CFA), which supported the fivefactor structure of the scale in prior research (Lin et al., 2016). In the current study, the CFA was replicated, yielding satisfactory fit indices (CFI = 0.92, RMSEA = 0.06), thereby confirming the structural validity of the SMUS. These findings collectively affirm that the SMUS is a reliable and valid instrument for assessing social media use across multiple dimensions. 
 
2. Past Week Social Media Use Scale (PW-SMUS)  
  
Scoring System 
The PW-SMUS evaluates frequency of social media engagement over the past week across four subscales:   
1. Image-Based Use (5 items): Focuses on self-presentation and content interaction (e.g., posting, editing, filtering).   
2. Comparison-Based Use (3 items): Measures social comparison behaviors (e.g., comparing appearance, life experiences).   
3. Belief-Based Use (4 items): Assesses engagement with morally conflicting content or unsupportive interactions.   
4. Consumption-Based Use (5 items): Captures passive consumption behaviors (e.g., scrolling, watching videos).   
Participants rated their engagement frequency on a 9-point Likert scale (1 = Never to 9 = Hourly or more). Subscale scores were calculated by averaging responses within each dimension. Higher scores indicate greater frequency of specific social media behaviors.   
 
Reliability 
The Psychological Well-being Social Media Use Scale (PW-SMUS) demonstrates strong reliability and validity, making it a robust tool for assessing social media use in the context of psychological well-being. The scale was adapted from validated frameworks (Tuck & Thompson, 2021), and its internal consistency was evaluated using Cronbach’s alpha. All subscales exceeded the acceptable reliability threshold of α > 0.70. These results confirm the scale’s reliability in measuring the intended constructs consistently. 
 
Validity  
 In terms of validity, the PW-SMUS exhibits strong content, construct, and convergent validity. The items were derived from well-established theoretical constructs related to social media behavior, such as self-presentation and passive consumption, and were reviewed by a panel of experts in digital psychology to ensure their relevance and clarity. Construct validity was supported by Exploratory Factor Analysis (EFA), which confirmed the four-factor structure of the scale. The Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy was 0.89, and Bartlett’s test of sphericity was significant (p < 0.001), with all items demonstrating factor loadings greater than 0.60. Additionally, convergent validity was established through significant correlations (r = 0.58–0.67, p < 0.01) between the PW-SMUS subscales and established measures of social media addiction, such as the Bergen Social Media Addiction Scale. These findings collectively affirm that the PW-SMUS is a reliable and valid instrument for assessing social media use and its relationship to psychological well-being. 
 
3. Social Well-Being Scale (SWBS)   
 
 
Scoring System  
The SWBS assesses five dimensions of social health: Social Integration (5 items), Social 
Acceptance (4 items), Social Contribution (3 items), Social Actualization (4 items), and Social 
Coherence (3 items). Participants rated their agreement on a 7-point Likert scale (1 = Strongly 
Disagree to 7 = Strongly Agree). Reverse scoring was applied to negatively phrased items (e.g., “You think people live only for themselves”). Dimension scores were averaged, with higher scores indicating stronger social well-being.   
 
Reliability 
The Social Well-Being Scale (SWBS) demonstrates strong reliability and validity, as evidenced by prior research and the findings of this study. The scale, originally developed by Keyes (1998), has established reliability, and in the current study, internal consistency was further assessed using Cronbach’s alpha. All subscales exceeded the acceptable threshold of α > 0.70. These results confirm the scale’s reliability in consistently measuring the intended dimensions of social well-being. 
 
Validity  
In terms of validity, the SWBS exhibits robust content, construct, and convergent validity. The scale was adapted from Keyes’ (1998) validated framework, ensuring comprehensive coverage of core domains of social health. A pilot study involving 30 participants further confirmed the clarity and relevance of the items, supporting the scale’s content validity. Construct validity was established through exploratory factor analysis (EFA) in Keyes’ original work, and in this study, confirmatory factor analysis (CFA) replicated these findings, demonstrating excellent model fit (CFI = 0.94, RMSEA = 0.05). This confirms the five-factor structure of the scale and its alignment with theoretical expectations. Additionally, convergent validity was supported by significant correlations (r = 0.62–0.71, p < 0.01) between SWBS scores and established measures of social well-being, such as the Social Support Questionnaire. These findings collectively affirm that the SWBS is a reliable and valid instrument for assessing social wellbeing across its key dimensions. 
 
14.4. Data Collection 
 
The data collection process will implement a stratified purposive sampling method to ensure a highly representative participant pool. The core of this method involves stratifying the population solely by university affiliation, creating two distinct strata: students from Bangalore University, India, and students from Chulalongkorn University, Thailand. This ensures an equal and balanced representation, with 220 students recruited from each university, total 440 participants. Within these two established university strata, participants will be recruited using a simple purposive sampling approach. This will involve purposive selecting individuals from official student rosters or through invitations distributed via institutional channels. This method is designed to naturally yield a diverse participant group, ensuring that various academic disciplines (e.g., humanities, sciences), academic levels (undergraduates and postgraduates), and genders are proportionally represented based on the inherent demographics of each university's student body. This approach effectively maintains purpose at the individual student level while providing the necessary framework for a comparative analysis between the two university populations, thereby reducing selection bias and enhancing the generalizability of the study's findings. 
 
Data will be collected using an online survey administered via Google Forms. To approach eligible students at Chulalongkorn University (Thailand) and Bangalore University (India) and disseminate the survey links, the following strategies will be systematically employed: 
 
1. Digital Social Networks: The survey link will be strategically disseminated through widely utilized student-focused digital platforms prevalent in each country, such as university-specific WhatsApp groups and Line groups (for Thailand). These platforms are commonly used by university students for both academic and social communication, facilitating broad outreach. 
 
2. Peer-Assisted Recruitment: The researcher will leverage existing academic and social peer networks by engaging initial contacts within each university to facilitate the sharing of the survey link with their eligible peers and within relevant student communities. 
 
3. Ethical Considerations and Consent: Prior to participation, all prospective respondents will be provided with comprehensive information regarding the study's objectives, their rights as participants, and explicit assurances of anonymity and confidentiality. Voluntary informed consent will be obtained directly within the Google Form interface before participants can proceed with the survey. 
 
While direct access to institutional email lists is often ideal for achieving probability sampling, such access can be constrained by university privacy policies and administrative protocols. For this study, the primary data collection channels will prioritize accessible digital platforms (Google Forms disseminated via WhatsApp, Line, and peer networks) to maximize reach within the target student populations. If formal collaboration with university administration permits secure and ethically compliant access to institutional email lists or official communication channels for survey dissemination, such avenues will be pursued to complement the established digital outreach methods, ensuring full adherence to university data privacy regulations. 
 
 
15.5. Data Analysis 
 
14.5.1 Descriptive Statistics 
•Use Case: To describe the basic characteristics of the data, such as frequencies, means, and distributions. 
•Example: Present the distribution of Social Health scores and the proportion of daily Social Media users in each group using graphs or tables. 
 
The main objective of descriptive statistics in this study is to enumerate and analyse the salient features of the sample that was gathered. By presenting key characteristics such the minimum, maximum, mean, and standard deviation, it gives a summary of the data (Hair et al., 2016). 
  
14.5.2 Inferential Statistics 
 
1. Comparing Variables Between Two Groups (India vs. Thailand)  
1.1 Independent Samples t-Test 
•Use Case: To compare the means of a single variable (e.g., Social Health scores) between university students in India and Thailand. 
•Conditions: 
1. The data should be normally distributed. 
2. The groups must be independent. 
•Example: Compare the average Social Health scores between Indian and Thai students. 
 
2. Comparing Multiple Variables Between Two Groups  
2.1 F-Test 
•Use Case: To compare multiple dependent variables (e.g., Social Support, Loneliness, Social Integration) across two groups. 
•Conditions: 
1.Dependent variables should be normally distributed. 
2.Homogeneity of variance-covariance across groups. 
•Example: Compare the effects of SocialMedia on multiple dimensions of Social Health between Indian and Thai students. 
Selecting the Appropriate Statistical Method 
•For quantitative data with a focus on mean comparisons → Use t-Test  
•To analyze multiple dependent variables simultaneously → Use F-Test 
 
One popular statistical technique in SPSS for figuring out whether there is a significant difference between two groups' means is the t-test. It comprises three primary types: the onesample t-test, which determines whether the mean of a single sample deviates from a known or hypothesized population mean; the paired samples t-test, which assesses the mean difference between two related groups, such as pre- and post-intervention measurements (Obafemi, 2019); and the independent samples t-test, which compares the means of two unrelated groups. A continuous dependent variable, independent observations, a normal distribution of the dependent variable, and homogeneity of variances for the independent samples t-test are among the presumptions that must be met in order to perform a t-test in SPSS (Fiandini et al., 2024). Users must first accurately enter their data in SPSS such that one column represents the dependent variable and another represents the independent variable with two groups in order to execute an independent samples t-test. The procedure is choosing the relevant variables, creating groups, running the test, and going to analyze, compare Means,  independent-samples t- Test (Mishra et al., 2019). The t-test for Equality of Means, which yields the t-value, degrees of freedom (df), and p-value, and Levene's Test for Equality of Variances, which establishes whether equal variances can be assumed, are important findings (Proffitt, 2020). While the pvalue indicates whether the observed difference is statistically significant, with a threshold usually set at 0.05, the t-value shows the ratio of the difference between group averages to the variability of scores (). According to recent studies, SPSS is a favoured tool for researchers in the business, medical, and psychological sciences since it makes t-test computations and interpretations easier. Its continuous use in statistical analysis is supported by its capacity to manage huge datasets and produce trustworthy findings (Zhang, 2022).  
 
15.5.1. Data analysis using SPSS 
 
After entering all of the gathered data into SPSS, each variable will given the appropriate code. In order to deduce data loss, the Expectation-Maximization (EM) technique (Hair et al., 2010) will be used to handle missing values after the dataset will be examined for mistakes. If the responses with missing values will be over 15%, then dataset will be eliminated (Hair et al., 2016).  
Skewness and kurtosis will be assessed to guarantee data normality; acceptable values are between -2 and +2 (Sabol et al., 2023). For additional confirmation, the Shapiro-Wilk test will also be performed. In accordance with Tabachnick and Fidell's (2013) recommendation that residual values greater than ±3.3 suggest possible outliers, outliers will be detected using case wise diagnostics.  
A combination of statistical and procedural methods will be used to address common method variance (CMV). Respondents will receive explicit instructions and guarantees of confidentiality. In order to validate that there were no CMV problems, Harman's single-factor test will be used to make sure that no one factor explained more than 50% of the variation (Podsakoff et al., 2003). Lastly, the researcher will perform t-testing to examine the inferential statistics. 
 
16. Significance of the Study 
 
16.1. Theoretical Significance 
 
In this study, the primary significance is based on supported theories as it augments the accumulated set of concepts, theories, practices, and skills required to define the theoretical significance of the study. Thus, it follows the cross-cultural comparison of social media use and social health and application of the uses and gratifications theory (UGT).  
Secondarily, this study pioneer comprehension of various constructs that affect social health due to social media use across the social comparison among adolescents from university students from Bangalore University in India and Chulalongkorn University in Thailand. Former studies such as Somtua (2024), Twenge et al. (2021), Clark et al. (2018), Ahmed (2020), and Lee (2022) have independently analysed some of these factors. Nonetheless, most researches have only looked at one place to examine the effects of social media usage (SMU). A comparison research employing non-western nations like India and Thailand has been less likely to be studied to study the influence of social media use and its impacts, despite the fact that many studies have been conducted in western countries. Using social comparisons from Thailand and India, the current study's methodology offers a comprehensive perspective on the variables influencing social media use and its consequences on social health.  
Third, this study fulfils the absence of a thorough analysis taking into account each of these factors independently prevents a nuanced understanding of their unique effects on social health. social media usage is frequently aggregated in existing studies without making a distinction between frequency, length, kind, and engagement levels. For example, Watana (2020) have studied social media usage impacts on undergraduate students from family aspects, emotional aspects and social aspects but lacks from the social health perspective and inclusivity of social health aspects. As a result, the study is among the first to examine university students from Thailand and from India respectively to understand social media use effects on social health. Furthermore, it is one of the few that talks about Thailand's and India’s Universities. 
Fourth, although research has been done in each nation, there is no comparative study of social media use and its effects on social health between Thai and Indian university students. Comparative research of this kind may highlight peculiarities of cultures and guide customized solutions. 
16.2. Practical Significance  
First, among college students, excessive or problematic social media usage has been connected to the vast health problems like loneliness, sadness, and anxiety. This study emphasizes how important it is for universities to set up strong social health support networks that are adapted to the unique difficulties presented by social media. To assist students in navigating the detrimental impacts of social media, for example, higher education institutions can provide courses, peer support groups, and counselling services on campus. By creating such policies that support place of study by including social health education into their curricula, with an emphasis on social media responsibility, policymakers may also contribute. Universities in Thailand and India can create focused treatments that cater to the individual needs of their students and eventually create a healthier learning environment by recognizing cultural disparities in the ways that social media affects social health. 
Second, Many kids are unaware of the possible drawbacks of social media, including addiction, social comparison, and cyberbullying. The significance of encouraging digital literacy among young adults from university students is shown by this study. Teachers may educate students how to critically assess online information and utilize social media in a responsible manner by integrating digital literacy programs into the academic curriculum. Social media companies may also help by creating tools to report cyberbullying and reminders for screen time limitations, among other features that promote constructive interaction.  
Third Students' usage of social media is greatly influenced by cultural norms and beliefs, which can have a variety of effects on their social health. The creation of culturally sensitive treatments can be guided by the insightful information this study offers on the cultural distinctions between Thai and Indian university going students. The results, for instance, can be used by academics to pinpoint social media usage best practices that are culturally appropriate. Additionally, policymakers might develop recommendations that take into account the particular difficulties that pupils in each area experience.  
Fourth, this study provides valuable significance as social media can help people connect, but it can also result in weak or insubstantial connection and loneliness. This study emphasizes how crucial it is to strike a balance between social ties both live and online. Academic groups, athletic competitions, and cultural festivals are just a few of the events and activities that universities might plan to promote in-person contacts. Social media sites may also improve features like community-building tools and group discussions that encourage meaningful connections.  
Fifth, Students who engage in social comparison on social media may experience higher levels of anxiety and worse self-esteem. This study highlights the necessity of implementing focused interventions to mitigate the detrimental impacts of social comparison. Workshops and materials from mental health specialists can help children learn how to control social comparison and develop self-worth. By putting algorithms in place that lessen the appearance of excessively curated or idealized material, social media networks may also contribute.  
Lastly, comprehensive laws and policies addressing social media's effects on social health and social well-being are lacking. At the institutional and governmental levels, this study offers evidence-based insights that can guide the creation of laws and regulations. The results can be used by policymakers to develop rules that encourage social media usage in a responsible manner and assist university mental health programs. Universities can support legislation that incorporates digital literacy initiatives and social health services into institutions of higher learning.  
17. Results:
Table 4.1: Demographic Characteristics of Participants (N = 505)

	Variable
	Category
	Frequency (N)
	Percentage (%)

	Gender
	Male
	156
	30.9

	
	Female
	349
	69.1

	Education Level
	Undergraduate
	398
	78.8

	
	Postgraduate
	107
	21.2

	Age Group (Years)
	17–20
	240
	47.5

	
	21–24
	190
	37.6

	
	25–28
	52
	10.3

	
	29 and above
	23
	4.6

	Most Frequently Used Device
	Smartphone
	410
	81.2

	
	Laptop
	61
	12.1

	
	Tablet
	20
	4.0

	
	Desktop PC
	14
	2.7

	
Primary Location for Social Media Use
	Home/Accommodation
	320
	63.4

	
	School/College
	138
	27.3

	
	Other
	47
	9.3



Table 4.1. presents a clear demographic summary of the study participants is given by the data in out of the 505 respondents that took part in the study, more women (69.1%) than men (30.9%) were represented. Due to prior research suggesting that women participate more actively in online social networks and emotional communication, this gender imbalance may have an impact on the outcomes, especially in the social health dimensions. The majority of respondents (70.8%) were students, and 21.2% were postgraduates, suggesting that the population is primarily youthful and engaged in academic pursuits. Given that college students who are socially and intellectually engaged tend to use social media more frequently, this distribution fits the study's setting. The study mainly covers late adolescents and early adults, a population most active on digital platforms and heavily influenced by online socialisation. The mean age was roughly 20.6 years, and nearly 85% of participants were between the ages of 17 and 24.
Smartphones are the most popular device (81.2%) for accessing social media, according to device usage patterns, which supports global trends in young people's digital activity. The portability and ease of mobile-based engagement are reflected in the decreasing usage of laptops and tablets (16.1% combined). In terms of location, the majority of participants (63.4%) use social media mostly from their homes or places of lodging, with school or college coming in second (27.3%). This implies that social media use transcends academic settings and is highly prevalent in settings for private communication and pleasure.

Table 4.2 Comparison of Social Media Usage and Frequency (India and Thailand)
	Variable
	Country
	N
	Mean
	Std. Deviation
	 Std. Error Mean

	Social Media Usage
	Thailand
	253
	71.76
	10.91
	0.69

	
	India
	252
	3.40
	1.45
	0.09

	Social Media Usage Frequency
	Thailand
	253
	57.80
	21.12
	1.33

	
	India
	252
	51.19
	19.82
	1.246


*Note: ()= Mean score of Thailand, (XIND)= Mean score of India, σx̅ = Standard error, = Standard deviation
Table 4.2 explained that participants from Thailand with a sample size of  (N = 253)  had marginally higher social media usage compared to those from India (N = 252) in social media usage. As for Thailand, the mean score estimated about ( and the standard deviation was recorded ( =10.912). The standard error is indicated as  σx̅ = 0.69. Contrarily, India’s social media usage accounted for a relativley smaller maean score compared to Thailand. The mean score is estimated as (XIND = 3.40 ) followed by  a standard deviation of ( =1.45). Moreover, the standard error mean indicated for India social media us was σx̅ = 0.09.
In relation with social media usage frequency, Indian usage frequency is again lower than Thailand. The comparison between both countries presesnted in  table 4.2 indicated that ( with a standar deviation of ( =21.12), and a standard error mean of σx̅ = 1.33. On the other hand, the mean score of  India (XIND = 51.19 ) follwed by a standard deviation of ( = 19.82)  and with a standard error mean of σx̅ = 1.246.
Futhermore, table 4.2 exhibits that from the social media usage perspective, in Thailand, There is a large difference in the descriptive means indicates that, on average, Thai respondents engage with social media to a much greater extent than Indian respondents. It can be explained from the table 4.1, relatively higher standard deviation among Thai participants shows more variation in their overall usage patterns, whereas Indian participants’ scores are more consistent and concentrated around the mean. Although the gap is smaller compared to the total usage, the difference still suggests that Thai participants tend to use social media platforms more frequently in their daily lives.

As per the proposed Hypothesis 1 (H1), The descriptive data showed in Table 4.2 support this hypothesis at the preliminary level as Thai participants substantially higher mean values in both total social media usage and frequency, implying higher engagement with online platforms. The pattern suggests potential cultural or behavioural differences between the two countries in how individuals use and rely on social media. While the descriptive results strongly point toward differences between the two groups, these statistics alone do not test whether the differences are statistically significant. However, given the magnitude of the mean differences especially in total usage the data visually and numerically support the direction of H1. In relation with the proposed hypothesis (H1), the variability in standard deviation  also highlights that Thai users not only use social media more but also show greater diversity in usage intensity. Conclusively, H1 is preliminarily supported as Thai respondents demonstrate higher average levels of both total social media use and frequency compared to Indian respondents, suggesting a meaningful cross-country difference in digital behaviour.

Table 4.3: Comparison of Social Health Dimensions between Countries Social Integration, Acceptance, Contribution and Actualization
	Variable
	Gender
	N
	Mean ()
	SD ()
	SE
	t
	df
	p (2-tailed)
	Mean diff ()
	95% CI of diff
	Cohen’s 

	Social Integration
	Male
	156
	17.12
	9.449
	0.757
	5.763
	502
	< .001
	4.920
	[3.243, 6.597]
	0.56

	
	Female
	349
	12.20
	8.583
	0.460
	
	
	
	
	
	

	Social Acceptance
	Male
	156
	11.84
	6.997
	0.560
	5.280
	502
	< .001
	3.443
	[2.162, 4.725]
	0.51

	
	Female
	349
	8.40
	6.664
	0.357
	
	
	
	
	
	

	Social Contribution
	Male
	156
	8.97
	5.327
	0.428
	5.028
	501
	< .001
	2.407
	[1.467, 3.348]
	0.49

	
	Female
	349
	6.56
	4.785
	0.257
	
	
	
	
	
	

	Social Actualization
	Male
	156
	12.95
	5.450
	0.435
	−3.320
	247.81
	.001
	−1.635
	[−2.606,−0.665]
	−0.35

	
	Female
	349
	14.58
	4.321
	0.231
	
	
	
	
	
	


				*Notes:𝑋̄ₘ= Mean Score (Male),  = Std. Deviation, 𝑋̄f = Mean Score (Female)

As mentioned  in Table 4.3 , male participants (N = 156) represented a higher level of Social Integration ( 𝑋̄ₘ = 17.12,  = 9.449) compared to female participants (N = 349,  𝑋̄f = 12.20,   = 8.583),  t(502) = 5.763 indicates that Δ X = 4.92 is statistically significant.
p<.001 t(502)=5.763, p<.001, and zero is not included in the 95% CI [3.243, 6.597]. The effect is moderate, as indicated by the approximate d≈ 0.56 .This concludes that males reported as  more socially connected and involved than in comparison with  females. Considering Social Acceptance, males again recorded a slightly higher mean ( 𝑋̄ₘ = 11.84,   = 6.997) than females (𝑋̄f = 8.40,   = 6.664),  Δ X = 3.443. This difference is noteworthy, as seen by t(502) = 5.280. d≈0.51 (moderate), p<.001, 95% CI [2.162, 4.725], and p<.001 t(502)=5.280. Therefore, It is evident  that male participants generally perceived greater acceptance and recognition from others compared to their female counterparts. In regards to  Social Contribution, male respondents (𝑋̄ₘ = 8.97,  = 5.327) scored higher than females (𝑋̄f = 6.56,  = 4.785), demonstrate a mean gap of 2.407, which
is significant at t(501) = 5.028. 95% CI [1.467, 3.348], p<.001, t(501)=5.028. Cohen's d is close to moderate, at 0.49. suggesting that males contributed themselves as  more significantly to their communities and social environments. 
However, the trend reversed for Social Actualization, where female participants (𝑋̄f = 14.58,    = 4.321) outperformed males (𝑋̄ₘ = 12.95,    =5.450), Significant, Δ X   = -1.635 t (247.81) = -3.320, 95% CI [−2.606, −0.665], p =.001, t (247.81)=−3.320. Cohen’s d ≈ − 0.35 (small–moderate).This finding implies that females exhibited stronger perceptions of personal growth, social fulfillment, and realization of their social potential than males. To conclude,  the results highlight that while males scored higher in social integration, acceptance, and contribution were higher, and females excelled in social actualization.  Thus, the  gender-based variations reveal differing patterns of social orientation as males being more externally connected and participative, and females on the other hand, showing deeper personal development and social self-realization.

Although H1 focuses on differences in social health between countries (Thailand and India), the gender-based analysis in Table 4.3 provides valuable context for interpreting those country-level differences. The data show that gender plays a notable role in shaping how individuals perceive and experience social well-being, and these variations can influence overall country means. As stated Firstly in table 4.3,  the consistent higher scores of males in Social Integration ( 𝑋̄ₘ = 17.12 ; 𝑋̄f = 12.20), Social Acceptance (𝑋̄ₘ = 11.84  ;   𝑋̄f = 8.40), and Social Contribution ( 𝑋̄ₘ = 8.97 ;  𝑋̄f = 6.56) indicate that men report stronger engagement in outward social networks and public participation. This could be summarized from socio-cultural expectations and gendered social norms; as a result, men often occupy more visible social roles, participate more in organizational or community structures, and may have broader peer networks. Therefore, such trends might contribute to higher aggregate scores in countries or samples where male participation is more pronounced as may be the case in Thailand’s under H1.

In contrast, females scored higher on Social Actualization ( 𝑋̄f = 14.58  ;  𝑋̄ₘ = 12.95), it can be viewed as females reflecting a stronger orientation toward personal growth, emotional fulfilment, and relational depth. Hence, this difference suggests that while men might participate more frequently in social structures, women may derive more emotional meaning and satisfaction from their interactions, emphasizing quality over quantity in their social connections. Considering, If one country’s sample such as  India in this regard, has a higher proportion of female participants, this could partially explain lower overall means in certain dimensions, such as integration or acceptance, but higher scores in internalized or reflective aspects like actualization. Therefore, the proposed hypothesis  H1 (country differences), these gender-based variations underscore the multidimensional nature of social health. The significant difference between Thailand and India in social media usage and social integration as reported under H1 may partly reflect the underlying gender composition and sociocultural gender norms in each context. For example:

In Thailand, it is evident as  digital participation and public social interaction are higher, both males and females might have greater opportunities for integration and contribution.
In India, it is evident traditional gender expectations might limit women’s social participation, thereby lowering the overall mean scores for integration and acceptance. Thus, while H1 is statistically supported, reflecting clear cross-country differences. Table 4.3 helps to explain such differences exist: they are likely shaped by gendered social behaviors, opportunities, and cultural roles within each nation. Moreover, the moderate variability (σ ranging from 4.3 to 9.4) and distinct mean gaps suggest that gender is an important but not exclusive determinant of social well-being. Hence, It interacts with cultural, educational, and digital factors, contributing to the broader cross-national patterns observed under H1.

According to H2,  social media use's effects on social health differ greatly depending on a person's gender and educational attainment. This idea is amply supported by the gender-based trends in Table 4.2. The non-overlapping confidence intervals and statistically significant t-values for each of the four dimensions attest to the existence and significance of gender disparities in social health outcomes. These disparities may be strengthend  by social media use; women may experience psychological and emotional enrichment (increasing Actualisation scores), while males may use online networks for public interaction (raising Integration and Contribution scores).
Additionally, the modest effect sizes (d = 0.5) for Contribution, Acceptance, and Integration show that the impact of social media varies by gender.

Table 4.4: Comparison Education Level Differences in Social Health differences   by Education Level
	Variable
	Education Level
	N
	Mean
	Std. Deviation
	Std. Error Mean

	Social Integration 
	Postgraduate
	107
	9.00
	6.18
	0.60

	
	Undergraduate
	398
	14.97
	9.39
	0.47

	Social Acceptance 
	Postgraduate
	107
	6.00
	5.64
	0.55

	
	Undergraduate
	398
	10.38
	6.98
	0.35

	Social Contribution
	Postgraduate
	107
	4.60
	4.04
	0.39

	
	Undergraduate
	398
	8.02
	5.09
	0.26

	Social Actualization
	Postgraduate
	107
	15.20
	3.80
	0.37

	
	Undergraduate
	398
	13.78
	4.94
	0.28


*Note: 𝑋̄₍UG)=  Mean Score (Undergraduated), 𝑋̄₍PG₎= Mean Score (Postgraduated),  Δ𝑋̄= Mean Difference 

As shown in Table 4.4,  participants comparison by education level explained, with undergraduate degrees (N = 398) reported significantly higher levels of Social Integration ( 𝑋̄₍UG₎ = 14.97,  = 9.392) compared to those with postgraduate degrees (N = 107, 𝑋̄₍PG₎ = 9.00,   = 6.175). This shows there is a  substantial difference ( Δ𝑋̄ = 5.97) indicates that undergraduates tend to participate more actively in social circles and community interactions than postgraduates, who may engage less frequently due to professional or academic commitments. In comparison for Social Acceptance, undergraduate participants again showed  with a higher mean scores (𝑋̄₍UG₎ = 10.38,  = 6.976) relative to postgraduates (𝑋̄₍PG₎ = 6.00,  = 5.643), suggesting that undergraduates feel more recognized and valued within their social environments. The mean difference (Δ𝑋̄ = 4.38) reinforces a consistent trend of stronger perceived social belonging among undergraduate respondents. 
Hence, In the dimension of Social contribution, the pattern remains similar. Undergraduates (𝑋̄₍UG₎ = 8.02,   = 5.086) scored notably higher than postgraduates (𝑋̄₍PG₎ = 4.60,  = 4.042), with a mean difference of (Δ 𝑋̄ = 3.42). This suggests that undergraduate participants perceive themselves as contributing more effectively to their social or community environments compared to their postgraduate counterparts. This indicates that postgraduates, despite lower social integration and acceptance, tend to experience a stronger sense of personal growth, fulfillment, and realization of social potential. Overall, these findings suggest a clear distinction between the two education levels: undergraduate participants show higher external social engagement and acceptance, while postgraduates demonstrate higher internal self-realization and actualization. In essence, educational advancement appears to shift social well-being from community-oriented participation (integration, acceptance, and contribution) toward a more introspective sense of purpose and actualization.
The proposed Hypothesis 2 (H2)) is strongly supported by the results shown in Table 4.4, which firmly demonstrate that the impact of social media use on social health characteristics varies substantially across educational levels. Particularly, compared to postgraduate students (𝑁 = 106), whose corresponding mean scores were significantly lower 𝑋̄(PG) = 9.00, 𝜎 = 6.18,  𝑋̄(PG) = 6.00, 𝜎 = 5.64, and 𝑋̄(PG) = 4.60, 𝜎 = 4.04, undergraduate students (𝑁 = 398) consistently reported higher levels of Social Integration 𝑋̄(UG) = 14.97, 𝜎 = 9.39, social acceptance 𝑋̄(UG) = 10.38, 𝜎 = 6.98, and social contribution 𝑋̄(UG) = 8.02, 𝜎 = 5.09, respectively. These trends demonstrate that social media use improves students' connection, peer relationships, and active participation in both online and offline groups by demonstrating greater external social engagement and interaction.
On the contrary, postgraduate students reported a higher mean score ( 𝑋̄(PG)  = 15.20, 𝜎 = 3.80) for Social Actualisation than undergraduates ( 𝑋̄(UG) = 13.78, 𝜎 = 4.94). According to this research, postgraduates often use social media for self-fulfilment, professional development, and personal improvement, whereas undergraduates predominantly utilise it for socialisation and group affiliation. A change from social expansion to internalised self-actualization may be reflected in postgraduate students' more responsible, goal-oriented usage of social media.

To conclude, findings from this study,  imply that the association between social media use and social health outcomes is moderated by educational attainment. For undergraduate students, social media seems to encourage outward social connections and a sense of community, while for postgraduate students, it encourages introspection, personal development, and a sense of purpose instead of regular social interaction. As a result, the data from this study strongly supports Hypothesis 2 (H2), which states that the impact of social media usage on social health varies significantly across gender and education levels. 


Table 4.5 : Independent Samples t-Test Results and Interpretation
	Variable
	Test Type
	F
	Sig. (Levene’s Test)
	t
	df
	Sig. (2-tailed)
	Mean Difference
	Std. Error Difference
	95% CI (Lower)
	95% CI (Upper)

	Social Media Usage
	Equal variances assumed
	309.273
	0.000
	98.590
	503
	0.000
	68.358
	0.693
	66.996
	69.720

	
	
Equal variances not assumed
	—
	—
	98.779
	260.878
	0.000
	68.358
	0.692
	66.995
	69.721

	
Social Media Usage Frequency
	
Equal variances assumed
	0.003
	0.956
	3.629
	504
	0.000
	6.609
	1.821
	3.031
	10.187

	
	
Equal variances not assumed
	—
	—
	3.629
	501.984
	0.000
	6.609
	1.821
	3.031
	10.187


*Note: p < .001, Δ𝑋̄ =  mean difference, (Δ σx̅) = Standard error 
As shown in Table 4.5, Levene’s test for equality of variances revealed a significant difference in variances between the two groups (F = 309.273, p < .001). Therefore, the results from the “Equal variances not assumed” line were used for interpretation. The independent samples t-test indicated a highly significant difference between the two countries, t(260.878) = 98.779, p< .001. The mean difference was (Δ𝑋̄ = 68.358) with a standard error (Δ σx̅ ) of 0.692, and the 95% confidence interval (CI) ranged from [66.995, 69.721]. This large positive mean difference (Δ𝑋̄ = 68.358) clearly demonstrates that participants from Thailand had much higher levels of social media usage compared to those from India. The narrow confidence interval and high t-value confirm the reliability and strength of this difference. In practical terms, Thai users are significantly more engaged with social media platforms than Indian users. 
For social media usage frequency, Levene’s test indicated equal variances between the groups (F = 0.003, p = .956). Hence, the results from the “Equal variances assumed” line were interpreted. The t-test revealed a statistically significant difference between the two groups, t(504) = 3.629, p < .001. The mean difference was (Δ𝑋̄ = 6.609) with a standard error (Δ σx̅ ) of 1.821, and the 95% CI ranged from [3.031, 10.187]. Although the mean difference in frequency (Δ𝑋̄ = 6.609) is smaller than that observed for total social media usage, it still indicates that Thai participants use social media more frequently than Indian participants. This result confirms a consistent pattern of higher engagement among Thai respondents both in terms of total usage and frequency of use. 
The findings make it abundantly evident that there are notable cross-country variations in the amount and frequency of social media usage, highlighting the fact that students at Chulalongkorn University in Thailand are more active on social media than those at Bangalore University in India. Different social health outcomes, such as greater integration and perceived social acceptability among Thai students, may result from these behavioural inequalities. Hence, the propesed  H1  supported. Moreover, in this case from the H2 is supported in part. The results strongly imply that the relationship between social media use and social health outcomes is moderated by more general demographic and contextual characteristics (such as the educational setting and maybe gender balance within each sample). For instance, the higher degree of participation among Thai students may combine with factors like gender composition or educational attainment to create unique patterns of social well-being. 


 
Table 4.6 Independent Samples Test
	Variable
	Levene's Test for Equality of Variances
	
	
	
	
	
	
	
	95% Confidence Interval of the Difference
	

	
	
	F
	Sig.
	t
	df
	Sig. (2-tailed)
	Mean Difference
	Std. Error Difference
	Lower       Upper
	Result

	Social Integration
	Equal variances assumed
	0.669
	0.414
	5.763
	502
	0.000
	4.920
	0.854
	3.243          6.597
	
Significant 

	
	Equal variances not assumed
	
	
	5.556
	274.115
	0.000
	4.920
	0.885
	3.177          6.663
	

	Social Acceptance
	Equal variances assumed
	0.032
	0.857
	5.280
	502
	0.000
	3.443
	0.652
	2.162          4.725
	
Significant 

	
	Equal variances not assumed
	
	
	5.182
	285.575
	0.000
	3.443
	0.664
	2.135          4.751
	

	Social Contribution
	Equal variances assumed
	3.034
	0.082
	5.028
	501
	0.000
	2.407
	0.479
	1.467          3.348
	
Significant

	
	Equal variances not assumed
	
	
	4.825
	269.141
	0.000
	2.407
	0.499
	       1.425          3.390
	

	Social Actualization
	Equal variances assumed
	15.249
	0.000
	-3.622
	504
	0.000
	-1.635
	0.452
	       -2.523        -0.748
	           
            Significant

	
	Equal variances not assumed
	
	
	-3.320
	247.808
	0.001
	-1.635
	0.493
	       -2.606        -0.665
	


*Note: p < .001, Δ𝑋̄ =  mean difference, (Δ σx̅) = Standard error ,  Group 1 = Thailand,   Group 2 = India 

Table 4.6 explained the  independent samples t-test was conducted to compare four dimensions of social well-being such as social integration, social acceptance, social contribution, and social actualization  among two groups.
First, For social integration, Levene’s test of equality of variances indicated no significant difference in variance between the groups , so equal variances were assumed. The t-test result  revealed a statistically significant difference in mean scores. The mean difference  with a standard error of σx̅ = 0.854. Since the difference is statistically significant, students from one nation feel more socially integrated than those from the other, which is probably due to cultural and behavioural variations in how people engage on social media. And with  a 95% confidence interval ranging from 3.243 to 6.597 suggests that Group 1  mean () Social Integration score is significantly higher than that of Group 2. This indicates that participants in Group 1 experience a stronger sense of belonging and connection within their social environment.
Second, In the case of Social Acceptance, the Levene’s test result  also showed homogeneity of variances. The t-test  demonstrated a highly significant mean difference of  with a standard error of σx̅=  0.652, and a 95% confidence interval from 2.162 to 4.725. This finding indicates that Group 1 has a significantly higher level of social acceptance compared to Group 2, suggesting that members of Group 2 feel more respected, valued, and included in their social circles.
Third, For Social Contribution, Levene’s test  indicated that the assumption of equal variances was met. The t-test showed a significant difference  with a mean difference of , a standard error of σx̅ = 0.479, and a 95% confidence interval ranging between 1.467 and 3.348. This result implies that Group 1 mean social contribution score is significantly greater than that of Group 2, reflecting that Group 1 participants perceive themselves as making more meaningful contributions to their communities. Both countries differ significantly in how students perceive acceptance and contribution through social media.
In contrast, laslty,  Social Actualization presented a different pattern. Levene’s test indicated a significant difference in variances; therefore, equal variances were not assumed. The adjusted t-test result  showed a statistically significant mean difference of  with a standard error of σx̅= 0.493 and a 95% confidence interval from -2.606 to -0.665. The negative t-value and mean difference indicate that Group 2 mean social actualization score is significantly higherthan that of Group 1. This suggests that Group 2 members display stronger tendencies toward realizing their potential and achieving personal and societal growth. 
These trends clearly confirm H1 by indicating that social health outcomes for Thai and Indian students differ significantly. These differences are probably explained by social openness, digital behaviour, and cultural context: Indian students may rely on social media more for academic or informational purposes, whereas Thai students may use it more for community involvement and emotional sharing, leading to distinct social health profiles. 
However, these same results support H2  as the two groups under comparison reflect different demographic categories such as gender and eduation level. In the gender comparison instance as also presented in table 4.3 women scored better on Actualisation, while men scored higher on Integration, Acceptance, and Contribution. Males reported greater levels of perceived contribution and social involvement, as indicated by the positive t-values (for the first three variables). Actualization's negative t-value indicates that women report higher levels of self-realization and inner progress. All of these results support H2 (gender dimension) by demonstrating that gender has a substantial impact on how social media changes social health.
The explanation also suppoted with two groups stand in for different educational levels as presented in table 4.4. Postgraduates score better on Actualisation, whereas undergraduates score higher on Integration, Acceptance, and Contribution. This pattern demonstrates how social media's function varies over academic levels, from undergraduate social connections to postgraduate self-development, supporting H2 (education level dimension).

Table 4.7: Independent Samples t-Test Results Comparing Social Health Dimensions 


	[bookmark: _Hlk213241305]Variable
	Test
	F
	Sig.
	t
	df
	Sig. (2-tailed)
	Mean Difference
	Std. Error Difference
	95% Confidence Interval of the Difference (Lower–Upper)

	Social Integration
	Equal variances assumed
	90.051
	0.000
	-6.200
	502
	0.000
	-5.975
	0.964
	-7.868 – -4.082

	
	Equal variances not assumed
	—
	—
	-7.836
	249.214
	0.000
	-5.975
	0.762
	-7.477 – -4.473

	Social Acceptance
	Equal variances assumed
	33.544
	0.000
	-5.970
	502
	0.000
	-4.384
	0.734
	-5.827 – -2.941

	
	Equal variances not assumed
	—
	—
	-6.743
	199.142
	0.000
	-4.384
	0.650
	-5.667 – -3.102

	Social Contribution
	Equal variances assumed
	30.202
	0.000
	-6.400
	501
	0.000
	-3.419
	0.534
	-4.468 – -2.369

	
	Equal variances not assumed
	—
	—
	-7.301
	202.944
	0.000
	-3.419
	0.468
	-4.342 – -2.496

	Social Actualization
	Equal variances assumed
	13.811
	0.000
	2.747
	504
	0.006
	1.418
	0.516
	0.404 – 2.432

	
	Equal variances not assumed
	—
	—
	3.193
	209.001
	0.002
	1.418
	0.444
	0.543 – 2.294



*Note: p < .001, Δ𝑋̄ =  mean difference, (Δ σx̅) = Standard error , Group 1= Thailand, Group 2 = India

Table 4.7 exhibited the independent samples t-test results in regard to social integration, Levene’s test was significant (F = 90.051, p < .001), indicating that the assumption of equal variances was violated. Therefore, the results from the “Equal variances not assumed” condition were interpreted. Hence, The t-value was -7.836 with df = 249.214 and p < .001, suggesting a statistically significant difference between the two groups. The mean difference was X= -5.975 with a standard error of  = 0.762, and the 95% confidence interval for the difference ranged from -7.477 to -4.473. This indicated that Group 1 had significantly lower Social Integration scores than Group 2, reflecting a noticeable gap in perceived social integration. This finding partially supports H1 showing that the countries differ not only in their overall social media use but also in how it translates to real-life social connectedness. It may imply that while Thai students are highly active online, this engagement might not always convert into meaningful in-person social integration, perhaps due to digital overreliance or limited offline interactions.

Furthermore, it is also explained in the table 4.6 about social acceptance, Levene’s test again indicated unequal variances (F = 33.544, p < .001), so results from the “Equal variances not assumed” line were considered. Hence, the t-value was -6.743 (df = 199.142, p < .001), confirming a significant difference between the two groups. The mean difference  accounted of X = -4.384 ( = 0.650). It can be concluded that Group 1 scored lower than Group 2 in terms of being socially accepted or valued by others. The 95% confidence interval [-5.667, -3.102] shows that this difference is statistically reliable. This implies that, either as a result of more intimate social networks or more direct, community-focused interactions, Indian students have a higher sense of social acceptance, belonging, or acceptability within their peer groups. Given varying degrees of social media activity, the results support H1 and show a significant cross-cultural difference in perceived social connectivity.

In cosideration of  social contribution, Levene’s test was again significant (F = 30.202, p < .001), leading to the use of the “Equal variances not assumed” result. The analysis  in this variable showed a significant difference between the two groups (t(202.944) = -7.301, p < .001). The mean difference was X=  -3.419 (  = 0.468), with a 95% confidence interval ranging from -4.342 to -2.496. Therefore, it can be interpreted that means that Group 1 demonstrated significantly lower levels of social contribution than group 2, suggesting that Group 1 perceived themselves as contributing less to society or community functioning compared to Group 2. This demonstrates that there are considerable contextual differences in the link between social media use and actual social well-being, supporting H1. Additionally, it supports H2 by indicating that the influence of social media on social outcomes rather than merely consumption level—may vary depending on local culture, educational attainment, and possibly gender norms.

For Social Actualization, Levene’s test was significant (F = 13.811, p < .001), again suggesting that variances were not equal. Therefore, the “Equal variances not assumed” output was interpreted. The t-value in this case was estimated 3.193 (df = 209.001, p = .002), indicating a statistically significant difference between the two groups. The mean difference was  X 1.418 ( = 0.444), with a 95% confidence interval ranging from 0.543 to 2.294. Unlike the other variables, the direction of the difference was positive, suggesting that Group 1 scored higher on Social Actualization than Group 2,  meaning that participants in Group 1 were more likely to believe in social actulization. Thai students reported higher levels of social actualisation than Indian students, meaning they felt they were attaining better personal progress, purpose, and fulfilment, in contrast to the preceding dimensions, as indicated by the positive mean difference.
A more complex level of interpretation is added by this reversal pattern. It implies that Thai students are superior in internalised aspects of social health, such self-improvement and goal achievement, whereas Indian students exhibit higher exterior social ties (integration, acceptance, contribution). According to this study, which supports H2, social media use may promote various social health outcomes based on cultural and demographic circumstances.

Table 4.8 Descriptive Statistics and Normality Test Results

	Variable
	N
	Minimum
	Maximum
	Mean
	Std.   Deviation
	Skewness
	Kurtosis

	Age
	505
	18
	35
	20.63
	2.402
	1.322
	2.298

	Social Media Usage
	505
	1
	110
	37.65
	35.087
	0.145
	-1.771

	Social Media Usage Frequency
	505
	0
	153
	54.49
	20.728
	0.915
	1.090

	Social Integration
	505
	1
	35
	13.72
	9.139
	0.420
	-1.309

	Social Acceptance
	505
	1
	28
	9.46
	6.947
	0.514
	-1.035

	Social Contribution
	505
	1
	21
	7.30
	5.077
	0.677
	-0.622

	Social Actualization
	505
	0
	28
	14.08
	4.755
	-0.092
	0.199



The descriptive values of skewness and kurtosis listed in Table 4.8 were used to verify statistical assumptions. For parametric tests like t-tests and correlation analysis, these signs are crucial for verifying if the dataset meets the normality assumption. All of the research variables, as indicated in the table, fall within the commonly recognised range of 2 for both skewness and kurtosis (Ghasemi & Zahediasl, 2012; Kim, 2013), suggesting that the dataset is roughly normal. In particular, the kurtosis values varied from -1.771 (Social Media Usage) to 2.298 (Age), while the skewness values ranged from -0.092 (Social Actualisation) to 1.322 (Age). According to these values, None of the distributions vary too much from normalcy. The participants were between the ages of 17 and 37 (X = 20.63,   = 2.40). A moderately favourable skew and leptokurtic distribution are shown by the skewness (1.322) and kurtosis (2.298) values, which demonstrate that the majority of respondents were younger. For parametric analysis, the age distribution can still be regarded as roughly normal because both values fall inside the 2 threshold. 
For example, a normal distribution was indicated by scores ranging from 1 to 110 ( X = 37.65,  = 35.09) for social media usage, with skewness (0.145) and kurtosis (–1.771) both being within acceptable bounds. Similar to this, the Social Media Usage Frequency ranged from 0 to 153 (X = 54.49,   = 20.73), exhibiting kurtosis (1.090) and skewness (0.915), indicating roughly normalcy.  A slightly right-skewed but normal distribution was indicated by the Social Integration scores, which ranged from 1 to 35 (X = 13.72,   = 9.14), with skewness (0.420) and kurtosis (–1.309). Once more demonstrating normality, the range of social acceptance was 1 to 28 ( X = 9.46, SD = 6.95), with skewness (0.514) and kurtosis (–1.035). With skewness (0.677) and kurtosis (–0.622), the values for Social Contribution ranged from 1 to 21 ( X = 7.30,   = 5.08), indicating a modest positive skew while staying within normal bounds. 
Finally, Social Actualisation had a very normal distribution with a range of 0 to 28 (X = 14.08,   = 4.76), skewness (–0.092), and kurtosis (0.199). The data appear to be roughly normally distributed, as all variables, including Age, show skewness and kurtosis values within the permissible range of ±2 (Ghasemi & Zahediasl, 2012; Kim, 2013). Overall, the results demonstrate that the dataset meets the normalcy assumption, allowing for parametric statistical analyses such as independent samples t-tests and correlation. It can be concluded that the data are appropriate for further inferential statistical testing without alteration or adjustment because none of the variables exceed the ±2 threshold.



18. Chapter Overview
This study examined the social media usage and health of college students at Chulalongkorn University in Thailand and Bangalore University in India.  The two goals of the study were to: (1) compare the social health outcomes of students in Thailand and India based on their use of social media, and (2) investigate whether the effects of social media on social health vary by education level and gender.  The two hypothesis were:
H1: There is a significant difference in social health outcomes between students at Bangalore University and Chulalongkorn University based on social media use.   
H2: The impact of social media usage on social health varies significantly across gender and education levels. 

18.1 Conclusion of Research

In this study, it is revealed from the findigs that H1 is supported as Thai students reported much higher total social media usage and somewhat higher frequency than Indian students.  Social health dimensions differ across countries: Integration, Acceptance, Contribution tended to be higher in one group and Actualization higher in the other. Gender and education groups show meaningful differences in social health suggesting they moderate how social media relates to social well-being. There are significant cross-country differences in both social media use and social health dimensions. The enormous mean gap for total usage indicates a major behavioural difference; frequency differences are smaller but still significant. The pattern across social health dimensions suggests that higher digital engagement (Thailand group) does not uniformly translate to higher scores on every social health facet, some dimensions (like actualization) may be relatively higher where usage is higher, while other external social outcomes may be higher in the other country. The extreme mean difference in total usage (Δ ≈ 68) is unusual and suggests either (a) true cultural/behavioural differences, or (b) a measurement/scale issue (how total usage was scored). Before attributing cause entirely to culture, verify that the usage measure was administered and scored identically in both countries. This study also confirmed the social helath differences. 
Furthermore, from the findings, it can be said that H2 is supported in the sense that gender and education level are associated with systematic differences in social health dimensions. More importantly, these patterns show that social media’s impact is not uniform: it appears to foster external social connections (integration, acceptance, contribution) more among males and undergraduates, while supporting internal growth and self-actualization more among females and postgraduates. This suggests moderation: the influence of social media on social health depends on demographic subgroup. Critical point about causality and moderation tests. The t-tests show subgroup differences (levels), but they do not by themselves prove that social media influences social health differently (i.e., moderation). Findings as stated earlier, in gender differences Males reported higher Social Integration, Social Acceptance, Social Contribution (e.g., Integration mean difference ≈ +4.92; ; Cohen’s d ≈ 0.56). Females reported higher Social Actualization (mean diff ≈ −1.635; ; d ≈ −0.35). Based on the education differences, undergraduates scored higher on Integration, Acceptance, Contribution (e.g., Integration: UG mean ≈ 14.97 vs PG mean ≈ 9.00). Postgraduates scored higher on Actualization (PG mean ≈ 15.20 vs UG ≈ 13.78). 
Table 5.1 Summary of Hypothesis Testing Results and Interpretation
	Hypothesis
	Variable / Comparison
	Group Comparison
	Mean Difference (Δ𝑋̄)
	t (df)
	Sig. (p)
	Supported
	Interpretation 

	H1: There is a significant difference in social health outcomes between students at Bangalore University (India) and Chulalongkorn University (Thailand) based on social media use.
	Social Media Usage (Total)
	Thailand (𝑋̄ = 71.76) vs India (𝑋̄ = 3.40)
	68.36
	98.779 (260.878)
	< .001
	Yes 
	Thai students reported much higher overall social media usage; cultural and digital access differences likely contribute.

	
	Social Media Usage Frequency
	Thailand (𝑋̄ = 57.80) vs India (𝑋̄ = 51.19)
	6.61
	3.629 (504)
	< .001
	Yes
	Thais use social media more frequently, but with smaller effect  suggesting lifestyle and communication culture differences.

	
	Social Health Dimensions
	Integration, Acceptance, Contribution higher in India; Actualization higher in Thailand
	varies
	–6.20 to +2.75
	< .001
	Yes
	Confirms cross-country differences in social well-being patterns — external vs internal social health distinctions.

	H2: The impact of social media usage on social health varies significantly across gender and education levels.
	Gender
	Males higher on Integration, Acceptance, Contribution; Females higher on Actualization
	4.92, 3.44, 2.41, –1.64
	5.76 to –3.32
	< .001
	Yes
	Gender moderates the type of benefit  males gain external social support, females more internal growth and fulfillment.

	
	Education Level
	Undergraduates higher on Integration, Acceptance, Contribution; Postgraduates higher on Actualization
	5.97, 4.38, 3.42, –1.42
	5.56 to –3.62
	< .001
	Yes
	Educational level moderates how social media supports social health — social vs personal development focus.



Table 5.1 summarizes the main conclusions that support both research hypotheses (H₁ and H₂) are summarised in the table. For H1, social media use and social health outcomes showed distinct and statistically significant disparities between students from Thailand and India. Indian students scored better on socially integrative behaviours, indicating more community-based interaction patterns, although Thai students were much more engaged on social media overall, indicating more digital engagement. Gender and educational attainment were shown to be significantly different for H2. While women and postgraduates profited more from the internal components of social media (personal growth and actualisation), men and undergraduates benefited more from the exterior aspects (social connections, acceptability, contribution). These findings support the idea that social media's impact on social well-being is moderated by demographic variables like gender and education. In line with current studies (e.g., Valkenburg et al., 2021; Verduyn et al., 2020) that demonstrates how social and psychological effects of online engagement heavily depend on context and user characteristics, these findings collectively suggest that social media's influence is not uniform and varies by cultural background, gender, and education level.
18.2 Theoretical and Practical Implication 
First, This study's findings clearly demonstrate in table 5.2 that social health is a multidimensional construct, consisting of both external and internal domains. External dimensions can be assessed as social integration, social acceptance, and social contribution that represent individuals’ connectedness, belonging, and involvement in social networks. On the other hand, the internal dimension represents social actualisation that reflects personal fulfilment, growth, and the perception of realising one’s potential within the social context. Therefore, findings from this study align with Valkenburg et al., (2021) model of social well-being, which conceptualises social health as a composite of five dimensions: integration, acceptance, contribution, coherence, and actualisation. It  is also confirmed by O’day & Heimberg, (2021) as this study empirically confirms that these dimensions do not respond uniformly to external stimuli such as social media usage. For instance, while social media promotes integration and contribution, suggesting enhanced social connectedness, it may not equally enhance actualisation, which requires deeper self-reflection and purpose-driven interaction. It  is found out in a similar study of Gupta et al., (2022) that online social interaction has heterogeneous effects on well-being depending on the type of engagement (active vs. passive use). Thus, the present study reinforces this view by showing that while increased use is associated with outward social engagement, its effect on self-actualisation is distinct and potentially independent. Future theoretical models of social media and well-being should therefore differentiate between external social connectedness and internal psychological fulfilment. A one-dimensional perspective on “social health” risks obscuring meaningful differences in how individuals benefit from online environments (Kim & Lee, 2021). 
Second, this study extends the understanding in table 5.2 that moderating influence of sociodemographic traits, specifically gender and educational attainment, is the subject of the second theoretical implication. According to the study, women and postgraduate students gain more internal or reflective benefits from social media (actualisation), whereas men and undergraduates typically gain more external social engagement (integration, acceptance, contribution). These results add to the increasing amount of research highlighting the fact that social media's effects vary depending on contextual and demographic factors rather than being universal. Primack et al., (2020) for instance, discovered gendered trends in online social behaviour, with men using social media platforms more for information and networking and women using them for emotional and relational communication. In the same direction, Twenge et al., (2021) and Vogel et al.,  (2021) emphasise that age, gender, and life stage affect the psychological effects of social media use as well as its intensity. Theories of digital maturity and purpose-driven media use are also supported by the observed variations across educational levels (Banerjee et al., 2020). Undergraduates may use social media more socially and recreationally, which promotes greater acceptance and integration, while postgraduate students may use it more selectively for self-actualization and professional development. According to Erikson's psychosocial development theory, older students strive for self-actualization and purpose, while young adults prioritise intimacy and belonging (Khan et al., 2022). 


Table 5.2 advocates certain practical implications that are valauable and meaninful for for universities, policymakers, and platform designers. 
5.3.1 University support programs: Colleges can use social media to create communities  such as student organisations, volunteer work, peer mentoring  for undergraduates who demonstrate a high level of integration and contribution. 
5.3.2 Postgraduate well-being initiatives: Universities could offer professional or reflective online resources such as career networks, research communities) that deepen purpose, as postgraduates exhibit higher actualisation. 
5.3.3 Interventions that are sensitive to gender: Create engagement strategies with the understanding that while women may value depth and meaning, men may be more active in public, networked spaces; programs should provide both. 
5.3.4 Platform literacy and measurement: Educational institutions should promote balanced practices and teach students about the difference between excessive and meaningful use of social media.

Table 5.2 Theoretical and Practical Implications 
	Aspect
	 Findings 
	Theoretical Implications
	Practical Implications

	Cross-country Differences (H1)
	Thailand students showed higher total social media usage and frequency; India showed stronger community-based social integration.
	Highlights the multi-dimensional nature of social health  external (integration, acceptance) and internal (actualization) aspects vary by culture. Supports socio-digital behavior theory suggesting culture shapes how individuals use media to connect.
	Encourages universities to design culturally responsive social media programs  e.g., Thai universities can promote mindful usage to avoid over-engagement; Indian institutions can enhance online peer connectivity and digital literacy.

	Digital Engagement and Social Well-being (H1)
	Significant mean difference in total social media use (Δ𝑋̄ = 68.36, p < .001).
	

Suggests social media use intensity alone does not guarantee higher social well-being; aligns with Uses and Gratifications Theory where outcomes depend on purpose of use.
	Policy makers and educators should train students on balanced social media engagement emphasizing meaningful interaction over passive use.

	Gender Differences (H2)
	Males scored higher on external dimensions (integration, acceptance, contribution); females scored higher on internal (actualization).
	Confirms gender-based moderation in digital socialization processes — reflecting differential gratifications and emotional expression patterns.
	Universities should adopt gender-sensitive social health initiatives  such as leadership and social participation programs for females and reflective learning spaces for males.

	Education Level Differences (H2)
	Undergraduates showed higher external social health; postgraduates higher in actualization.
	Reinforces the idea that education level shapes psychosocial maturity and the meaning derived from online interactions.
	

Suggests tailored interventions  undergraduate programs should focus on teamwork and social engagement; postgraduate programs should emphasize self-development and mentorship through social platforms.

	Integrated Model of Social Media and Social Health
	Findings across both hypotheses.
	
Supports a contextual model: social media use → (moderated by gender, education, and culture) → social health outcomes (integration, acceptance, contribution, actualization).
	Calls for an evidence-based digital well-being framework in universities combining awareness, peer support, and self-reflection components.



18.3  Limitation of the Study
This study consists of several limitations and by acknowledging them, it helps to refine the work for the future researchers. First, one key limitation that is associated with this study, data collection was done from only two univerisites such as Bangalore University in India and Chulalongkorn University in Thailand. However, these institutions represent impotant academic characterisitcs, the rsults from these places may not full determine or capture the experiences of other users from different areas or universites. It is important to exercise caution when extrapolating the results beyond these samples because cultural, social, and institutional factors may affect how students use social media and how it affects their social health.
Second, through questionnaires, the participants answered questions about how they use social media and how they view social health. This approach mainly depends on self-awareness, memory, and honesty. Participants may have overestimated or underestimated their social media usage, or they may have provided answers that were socially acceptable rather than entirely truthful.
Third, another drawback of the study is its cross-sectional nature of study. Since the data was gathered all at once, cause and effect cannot be established. Although the findings indicate a correlation between social media use and social health (H1), it is impossible to say with certainty whether social media use improves or degrades social health or whether users with particular social health traits use social media in different ways.
Fourth, furthermore, this study primarily examined a small number of variables, including gender, country, and educational level. Other potentially significant elements were left out, such as personality traits, social support, and the kind of social media platform used. These variables may have an impact on the connection between social media use and social health. 
Finally, although statistical assumptions like normality and equality of variances were checked and met, there may still be measurement limitations in how social health was assessed. The scale items may not have captured all the dimensions of students’ lived social experiences, especially in culturally diverse contexts.

18.4  Direction for  Future research
There are various potential areas for further research that could expand on the current findings and give greater depth and significance to this field of study. First, bigger and more varied samples from various colleges, areas, or even nations should be used in future research. It would be easier to comprehend how context and culture influence the connection between social media and social health if students from different socioeconomic and cultural backgrounds were included.
Second, the use longitudinal study which follow the same subjects over time and should be the goal of researchers. It would be feasible to determine whether specific usage patterns result in an improvement or a decline in social well-being, as well as how long-term changes in social media usage affect social health. A longitudinal design  os study is able to adequately capture cause-and-effect relationships much better. 
Third, another ways to conduct a research in the simiar field is the sensible mix of Incorporating qualitative methods with quantitative, like focus groups or interviews, to supplement quantitative results is another exciting opportunites or possible areas to explore. This can shed light on the more profound emotional and psychological experiences that underlie students' use of social media, such as how virtual connections aid in identity formation, friendship maintenance, or loneliness relief.
Fourth, Additional factors that might affect the connection between social media and social health could be included in future studies. A deeper understanding of how various social media usage patterns result in distinct outcomes could be gained, for instance, by looking at the role of time spent online, particular social media platforms comparison such as Instagram against LinkedIn, or categories of online activities such as active engagement against passive browsin.  
Finally, the idea that social health has multiple aspects should be further tested in future research. To investigate how each aspect of social health—integration, acceptance, contribution, and actualization that interacts differently with distinct social media usage patterns, researchers can employ more sophisticated measurement instruments or structural equation modelling (SEM). This would enable more precise theoretical modelling and real-world applications, like creating digital wellness programs that are suited to the age, gender, and educational background of students.
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23.Appendix 
 
Appendix A: Questionnaire on Social Media Usage and Social Health 
Purpose: 
 
This questionnaire was created to collect data to explore the differences between social media usage and social health among university students in India and Thailand. The specific objectives of this study are: 
1. To compare social health outcomes between university students at Bangalore University (India) and Chulalongkorn University (Thailand) based on their social media usage. 
2. To compare the impact of social media usage on social health across gender and education levels among students at Bangalore University (India) and Chulalongkorn University (Thailand). 
 
The survey questionnaire will consist of three main parts. The details are as follows: 
Part 1. General information 
Part 2.  Social Media Usage Section (SMUIS) 
Part 3. Social Health  
Put an “X” in the box that best describes you as a respondent. All answers will be kept confidential. 
 
Part 1. General information 
 
1. Sex o Male                          o Female   
                  
2. Education o Undergraduate degree 
· Postgraduate degree  
 
3. Age 
    _______________________ 
 
4. What is your most frequently used device? 
· Smartphone o Tablet o Laptop 
· Desktop PC 
 
5. Primary location where you use social media most often? 
· School/college o House/accommodation o Other (please specify) _________________________ 
 
 
Part 2. Social Media Usage Section (SMUIS) 
The Social Media Use Scale (SMUS) is a questionnaire used to measure individuals' social media use. The UGT suggests that individuals choose to engage with media to satisfy their needs and goals, such as entertainment, social interaction, and information seeking. The SMUS includes 22 items, divided into five dimensions: social interaction, entertainment, information seeking, convenience, and social comparison.  
 
The SMUS questionnaire is as follows:  
1 – Never (Not at all during the day) 
2 – Rarely (1- 3 times a day) 
3 – Sometimes (Several times a day (4-6 times). 
4 – Often (Frequently throughout the day (7-9 times). 
5 - Very Often (Almost constantly throughout the day (more than 10 times). 
 
	 
Questions 
	 
1 
Neve
r 
	 
2 
Rarely 
	 
3 
Som
e times 
	 
4 
Ofte n 
	 
5  
Very 
 Often 

	1. Social interaction: How often do you use social media to communicate with others?  
	 
	 
	 
	 
	 

	2. Social interaction (reverse scored): How often do you feel lonely and use social media to find companionship? 
	 
	 
	 
	 
	 

	3.Entertainment: How often do you use social media for fun and relaxation? 
	 
	 
	 
	 
	 

	4. Information seeking: How often do you use social media to search for news and information?  
	 
	 
	 
	 
	 

	5. Convenience: How often do you use social media because it is easy and convenient?  
	 
	 
	 
	 
	 



	6. Social comparison: How often do you use social media to compare yourself with others?  
	 
	 
	 
	 
	 

	7. Social interaction: How often do you use social media to maintain existing relationships?  
	 
	 
	 
	 
	 

	8. Entertainment (reverse scored): How often do you use social media to avoid boredom?  
	 
	 
	 
	 
	 

	9. Information seeking (reverse scored): How often do you use social media as a primary source of information?  
	 
	 
	 
	 
	 

	10. Convenience: How often do you use social media because it saves time?  
	 
	 
	 
	 
	 

	11. Social comparison (reverse scored): How often do you feel inferior after comparing yourself to others on social media?  
	 
	 
	 
	 
	 

	12. Social interaction: How often do you use social media to make new friends?  
	 
	 
	 
	 
	 

	13. Entertainment: How often do you use social media to watch videos or view photos?  
	 
	 
	 
	 
	 

	14. Information seeking: How often do you 
use social media to get advice or recommendations?  
	 
	 
	 
	 
	 

	15. Convenience: How often do you use social media because it is accessible?  
	 
	 
	 
	 
	 

	16. Social comparison: How often do you use social media to feel good about yourself?  
	 
	 
	 
	 
	 

	17. Social interaction (reverse scored): How often do you use social media to avoid faceto-face communication?  
	 
	 
	 
	 
	 

	18. Entertainment: How often do you use social media to play games?  
	 
	 
	 
	 
	 

	19. Information seeking: How often do you use social media to learn new things?  
	 
	 
	 
	 
	 

	20. Convenience: How often do you use social media because it is free?  
	 
	 
	 
	 
	 

	21. Social comparison (reverse scored): How often do you feel jealous after comparing yourself to others on social media?  
	 
	 
	 
	 
	 

	22. Social interaction: How often do you use social media to plan events with others?  
	 
	 
	 
	 
	 


 
Social Media Use Scale (SMUS) Directions: Please indicate how frequently you have engaged in each of the following social media activities in the PAST WEEK (7 days). 
Please only include activities engaged in on social networking sites such as Instagram, 
Facebook, etc. Do not include activities related to direct messaging such as Facebook 
Messenger or Instagram direct messages. For each activity, please use the following scale: 
      1 – Never 
2- 1-2 times per week 
3- 1-2 times per week 
4- 5-6 times per week 
5- Once daily 
6- 2-5 times daily 
7- 6-9 times daily 
8- 10-13 times daily 
9- Hourly or more 
 
	Questions 
	1 
	2 
 
	3 
	4 
 
 
	5 
	6 
	7 
 
	8 
	9 
 

	1. Made/shared a post or story about something positive that was personally about me   
	 
	 
	 
	 
	 
	 
	 
	 
	 

	2. Looked at how many people liked, commented on, shared my content, or followed/friended me  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	3. Read comments to my own content  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	 4. Edited and/or deleted my own social media content  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	5. Played with photo filtering/photo editing  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	6. Compared my body or appearance to others’  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	7. Compared my life or experiences to others’  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	8. Reminisced about the past  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	9. Made/shared a post or story about something negative that was personally about me  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	10. Made/shared a post or story about something negative that was NOT personally about me  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	11. Commented unsupportively or disliked/”reacted” unsupportively on other’s post(s)  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	12. Sought out content that I morally or ethically disagreed with  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	 13. Scrolled aimlessly through my feed(s)  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	14. Looked at others’ stories  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	15. Navigated to others’ profiles in my social network 
(e.g., friends or friends of friends)  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	16. Navigated to others’ pages who I do not know (e.g., influencers or other famous people)  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	17. Watched videos such as memes, news content, howtos/recipes, etc.  
	 
	 
	 
	 
	 
	 
	 
	 
	 


 
 
Part 3. Social Health Section (SWBS) 
 Social Well-Being Scales This scale consists of five dimensions: Social Integration, Social Acceptance, Social Contribution, Social Actualisation and Social Coherence. Through a Likert scale from 1 to 7 (from Strongly Disagree to Strongly Agree), participants are asked to rate their degree of social well-being. Higher scores mean that socially healthier people should not see society as unpleasant and see themselves as important members. They should care about and feel safe in the community, living a coherent life.   
1 - Strongly Disagree 
2 - Disagree 
3 - Somewhat Disagree 
4 - Neutral 
5 - Somewhat Agree 
6 - Agree 
7 - Strongly Agree 
 
 

	 
Questions 
	 
1 
Strongly 
Disagree 
 
	 
2 
Disagree 
 
	 
3 
Somewhat 
Disagree 
 
	 
4 
Neutral 
 
	 
5 
Somewhat 
Agree 
 
	 
6 
Agree 
 
	 
7 
Strongly 
Agree 
 

	Social 
Integration  
	 
	 
	 
	 
	 
	 
	 

	1.You feel like you're an important part of your community   
	
	
	 
	
	 
	
	

	2.If you had something to say, you believe people 
in your 
community would listen to you  
	
	
	
	
	
	
	

	3.You feel close to other people in your community  
	
	
	
	
	
	
	

	4.You see your community as a source of comfort  
	
	
	
	
	
	
	

	5.You believe other people in society value you as a person  
	
	
	
	
	
	
	

	Social 
Acceptance  
	 
	 
	 
	 
	 
	 
	 

	6.You think that other people are unreliable   
	
	
	
	
	
	
	



	7.You feel that people are not trustworthy  
	
	
	
	
	
	
	

	8.You think that people live only for themselves  
	
	
	 
	
	 
	
	

	9.You believe that people are more and more dishonest these days  
	
	
	
	
	
	
	

	Social 
Contribution  
	 
	 
	 
	 
	 
	 
	 

	10.Your daily activities do not produce anything worthwhile 
for your community  
	
	
	
	
	
	
	

	11.You don't have the time or energy to give anything 
to your community  
	
	
	
	
	
	
	

	12.You feel you have nothing important to contribute to society  
	
	
	 
	
	 
	
	

	Social 
Actualization  
	 
	 
	 
	 
	 
	 
	 

	13.You 
believe that society has stopped 
	
	
	
	
	
	
	

	making 
progress  
	
	
	
	
	
	
	

	14.Society 
isn't 
improving for people like you  
	
	
	
	
	
	
	

	15.You don't think social institutions like law and government make your life better  
	
	
	
	
	
	
	

	16.For you there's no such thing as social progress  
	
	
	
	
	
	
	

	Social 
Coherence  
	 
	 
	 
	 
	 
	 
	 

	17.The world is too complex for you  
	
	
	
	
	
	
	


 
 
 
ภาคผนวก A: แบบสอบถาม เรื่อง การใช้โซเชียลมีเดียและสุขภาพทางสังคม 
 วัตถุประสงค์: แบบสอบถามฉบับน้ี มีวตั ถุประสงค์เพื่อศึกษา  เพื่อเปรียบเทียบผลลัพธ์ด้านสุขภาพทางสังคมระหว่างนักศึกษาในมหาวิทยาลัย Bangalore (อินเดีย) และ Chulalongkorn University (ประเทศไทย) โดยพิจารณาจากการใช้งานโซเชียลมีเดีย เพื่อเปรียบเทียบผลกระทบของการใช้งานโซเชียลมีเดียต่อสุขภาพทางสังคมในระดับเพศและการศึกษาต่างๆ ระหว่างนักศึกษาในมหาวิทยาลัย 
Bangalore (อินเดีย) และ Chulalongkorn University (ประเทศไทย) คา ถามแบ่งออกเป็น 3 ส่วน ได้แก่ ส่วนที่ 1 ข้อมูลทัวไป่	 
ส่วนที่ 2 การใช้งานสื่อสงั คมออนไลน์ ส่วนที่ 3 สุขภาพทางสงั คม 
โปรดทา เครื่องหมาย 	x 	ในช่องที่อธิบายได้ตรงกับท่านมากที่สดุ 	โปรดตอบคา ถามด้วยความซื่อตรง คา ตอบทุกข้อของท่านจะถูกเก็บเป็นความลับ  
 ส่วนที่ 1 ข้อมูลทัวไป่	 
 
1.  เพศ 
· ชาย                          
· หญิง 
                  2. การศึกษา o ปริญญาตรี o สูงกว่าปริญญาตรี 
 
3. อายุ 
    _______________________ 
 
4. อุปกรณ์ใดต่อไปน้ที ี่ท่านใช้งานบ่อยที่สดุ 
· สมาร์ทโฟน o แท็บเล็ต o  แล็ปท็อป o  คอมพิวเตอร์ตังโต๊ะ้ 
 
5. ท่านใช้สื่อสังคมออนไลน์ที่ใดบ่อยที่สุด o โรงเรียนหรือวิทยาลัย o บ้านหรือที่พกั 
· อื่นๆ (โปรดระบุ) _________________________ 
 
 
Part 2. Social Media Usage Section (SMUIS) 
 
แบบวดั การใช้สื่อสงั คมออนไลน์ (SMUS) เป็นแบบสอบถามที่ใช้เพื่อประเมินการใช้สื่อสังคมออนไลน์ ตามทฤษฎีการใช้และความพึงพอใจ ( UGT) ของ Katz, Blumler และ Gurevitch (1974) บุคคลเลือกที่จะมสี ่วนร่วมกับสื่อเพื่อตอบสนองความต้องการและเป้าหมายของตน ได้แก่ ความบันเทงิ การมีปฏิสัมพนั ธ์ทางสังคม และการแสวงหาข้อมูล แบบวดั SMUS ประกอบด้วย 22 ข้อ แบ่งเป็น 5 มิติ ได้แก่ ปฏิสัมพนั ธ์ทางสังคม ความบันเทงิ การแสวงหาข้อมูล ความสะดวก และการเปรียบเทียบทางสังคม ทังน้ี้ แบบวดั SMUS ได้รับการพฒันาโดย Lin, Wang และ Chen (2016) โดยอิงตามทฤษฎีการใช้และความพึงพอใจ (UGT) ของ Katz, Blumler และ Gurevitch (1974) 
 
  มีเกณฑ์ดงั ต่อไปน้ี 
 
1 - ไม่เคยเลย (ไม่เลยทังวนั้	) 
 
2 - นานนานครั้ง (1-3 ครังต่อวนั้	) 
 
3 - บางครั้ง (หลายครั้งต่อวนั/ 4-6 ครั้งต่อวนั) 
 
4 - บ่อยครั้ง (บ่อยครั้งต่อวนั/7-9 ครั้งต่อวนั) 
 
5 - เกือบตลอดเวลา (เกือบต่อเนื่องทังวนั้	/มากกว่า 10 ครั้งต่อวนั) 
 
	 คา ถาม 
	1 
ไม่เค ย 
	2 นานนานค
รั้ง 
	3 บางค
รั้ง 
	4 บ่อยค
รั้ง 
	5 เกือบตลอดเ วลา 

	1. ปฏิสัมพนั ธ์ทางสงั คม: 
คุณใช้โซเชียลมีเดียเพื่อสื่อสารกับผอู้ ื่นบ่อยแค่ไหน?  
	 
	 
	 
	 
	 

	2. ปฏิสัมพนั ธ์ทางสงั คม (คะแนนกลับดา้ น): คุณรู้สึกเหงาและใช้โซเชียลมีเดียเพื่อหาเพื่อนบ่อยแค่ใด?  
	 
	 
	 
	 
	 

	3. ความบันเทิง: คุณใช้โซเชียลมีเดียเพื่อความสนุกสนานและผ่อนคลายบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	4. การค้นหาข้อมูล: คุณใช้โซเชียลมีเดียในการค้นหาข่าวสารและข้อมูลบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	5. ความสะดวกสบาย: คุณใช้โซเชียลมีเดียเพราะความง่ายและความสะดวกบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	6. การเปรียบเทียบทางสังคม: คุณใช้โซเชียลมีเดียเพื่อเปรียบเทียบตัวเองกับผอู้ ื่นบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	7. ปฏิสัมพนั ธ์ทางสงั คม: คุณใช้โซเชียลมีเดียเพื่อรักษาความสัมพนั ธ์ที่คณุมีอยู่บ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	8. ความบันเทิง (คะแนนกลับด้าน): 
คุณใช้โซเชียลมีเดียเพื่อหลีกเลี่ยงความเบื่อหน่ายบ่อยแค่ไหน?  
	 
	 
	 
	 
	 

	9. การค้นหาข้อมูล (คะแนนกลับด้าน): 
คุณใช้โซเชียลมีเดียเป็นแหล่งข้อมูลหลักบ่อยแค่ไหน?  
	 
	 
	 
	 
	 

	10. ความสะดวกสบาย: คุณใช้โซเชียลมีเดียเพราะประหยดั เวลาบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	11. การเปรียบเทียบทางสังคม (คะแนนยอ้ นกลับ): 
หลังจากเปรียบเทียบตัวเองกับคนอื่นบนโซเชียลมีเดียคุณรู้สกึ ด้อยกว่าคนอื่นบ่อ ยแค่ไหน? 
	 
	 
	 
	 
	 

	12. ปฏิสัมพนั ธ์ทางสงั คม: คุณใช้โซเชียลมีเดียเพื่อหาเพื่อนใหม่บ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	13. ความบันเทิง: คุณใช้โซเชียลมีเดียเพื่อดูวีดีโอหรือดูรูปภาพบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	14. การค้นหาข้อมูล: คุณใช้โซเชียลมีเดียเพื่อขอคา ปรึกษาหรือคา แนะน าบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	15. ความสะดวกสบาย: คุณใช้โซเชียลมีเดียเพราะสามารถเข้าถึงได้บ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	16. การเปรียบเทียบทางสังคม: คุณใช้โซเชียลมีเดียเพื่อให้รู้สึกดีกับตัวเองบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	17. ปฏิสัมพนั ธ์ทางสงั คม (คะแนนยอ้ นกลับ): คุณใช้โซเชียลมีเดียเพื่อหลีกเลี่ยงการสื่อสารแบบพบหน้าบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	18. ความบันเทิง: คุณใช้โซเชียลมีเดียเพื่อเล่นเกมบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	19. การค้นหาข้อมูล: คุณใช้โซเชียลมีเดียเพื่อเรียนรู้สิ่งใหม่บ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	20. ความสะดวกสบาย: คุณใช้โซเชียลมีเดียเพราะว่ามันฟรีบ่อยแค่ไหน? 
	 
	 
	 
	 
	 

	21. การเปรียบเทียบทางสังคม (คะแนนยอ้ นกลับ): 
หลังจากเปรียบเทียบตัวเองกับคนอื่นบนโซเชียลมีเดียคุณรู้สกึ อิจฉาบ่อยแค่ไหน
? 
	 
	 
	 
	 
	 

	22. ปฏิสัมพนั ธ์ทางสงั คม:คุณใช้โซเชียลมีเดียในการวางแผนกิจกรรมร่วมกับ ผอู้ ื่นบ่อยแค่ไหน? 
	 
	 
	 
	 
	 


 
 
 
 
Social Media Use Scale (SMUS)  
 
มาตราส่วนการใช้โซเชียลมีเดีย 	(SMUS): 	โปรดระบุความถี่ในการมีส่วนร่วมในกิจกรรมโซเชียลมีเดียต่างๆ 	ของคุณ ในสัปดาห์ที่ผ่านมา 	(7 	วนั) 	(Tuck, 	A. 	B., 	& 	Thompson, 	R. 	J) 	ทังน้ี้	 เฉพาะกิจกรรมที่มีส่วนร่วมผ่านในเว็บไซต์โซเชียลเน็ตเวิร์ก 	เช่น 	Instagram, 	Facebook 	เป็นต้น ไม่รวมกิจกรรมที่เกี่ยวข้องกับการส่งข้อความโดยตรง เช่น Facebook Messenger หรือข้อความบน Instagram โปรดเลือกความถี่ต่างไปน้ี ส าหรับแต่ละกจิ กรรม: 
 
      1 - ไม่เคยเลย 
2- 1-2 ครั้งต่อสัปดาห์ 
3- 3/4 ครั้งต่อสปัดาห์ 
4- 5-6 ครั้งต่อสัปดาห์ 
5- ทุกวนั 
6- 2-5 ครั้งต่อวนั 
7- 6-9 ครั้งต่อวนั 
8- 10-13 ครั้งต่อวนั 
9- ทุกชัวโมงหรือมากกว่า่	 
 
	คา ถาม 
	1 
	2 
 
	3 
	4 
 
 
	5 
	6 
	7 
 
	8 
	9 
 

	1. สร้าง/แชร์โพสต์หรือเรื่องราวเกี่ยวกับสิ่งดีๆที่เกี่ยวกับเฉพาะตัวฉัน 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	2. ดูว่ามีคนจ านวนเท่าไรที่กดไลค์ แสดงความคิดเห็น แชร์เนื้อหาของฉัน หรือติดตาม/เพิ่มเป็นเพื่อนกับฉัน 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	3. อ่านความคิดเห็นต่อเนื้อหาของฉันเอง  
	 
	 
	 
	 
	 
	 
	 
	 
	 

	 4. แก้ไขและ/หรือลบเนื้อหาโซเชียลมีเดียของตัวเอง 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	5. เล่นกับฟิลเตอร์ภาพ/แก้ไขภาพ 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	6. เปรียบเทียบรูปร่างหรือหน้าตาของตัวเองกับคนอื่น 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	7. เปรียบเทียบชีวิตหรือประสบการณ์ของฉันกับผอู้ ื่น 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	8. ร าลึกถึงอดีต 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	9. 
สร้าง/แชร์โพสต์หรือเรื่องราวเกี่ยวกับบางสิ่งบางอย่างในแง่ลบที่เกี่ยวกับเฉพาะตัวฉันโ ดยตรง 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	10. สร้าง/แชร์โพสต์หรือเรื่องราวเกี่ยวกับบางสิ่งที่เป็นลบซ่งึไม่เกี่ยวกับฉันโดยตรง 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	11. แสดงความคิดเห็นไม่สนับสนุนหรือไม่ชอบ/ “ตอบโต้” โพสตข์ องผอู้ ื่น) 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	12. ค้นหาเนื้อหาที่ฉันไม่เห็นด้วยในทางศีลธรรมหรือจริยธรรม 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	 13. เลื่อนดูฟีดของฉันอย่างไร้จุดหมาย 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	14. มองดูเรื่องราวของคนอื่น 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	15. ไปที่โปรไฟล์ของผอู้ ื่นในเครือข่ายโซเชียลของฉัน (เช่น เพื่อน หรือ เพื่อนของเพื่อน) 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	16. เข้าชมเพจของผอู้ ื่นที่ฉันไม่รู้จัก (เช่น ผมู้ ีอิทธิพล หรือบุคคลที่มีชื่อเสียงอื่นๆ) 
	 
	 
	 
	 
	 
	 
	 
	 
	 

	17. ชมวิดีโอ เช่น มีม เนื้อหาข่าว วิธีทา /สูตรอาหาร เป็นต้น 
	 
	 
	 
	 
	 
	 
	 
	 
	 


 
 
Part 3. Social Health Section (SWBS) 
 
ด้านความเป็ นอยู่ทางสงั คม ส่วนนี้ประกอบด้วย 5 ด้าน ได้แก่ การบูรณาการทางสังคม การยอมรับทางสังคม การมีส่วนร่วมทางสังคม การทําให้เป็ นจริงทางสังคม และความสอดคล้องกันทางสังคม (Keyes, 1998) แบ่งเป็ น 7 ระดับตั้งแต่ 1 ถึง 7 (ไม่เห็นด้วยอย่างยิ่ง ถึง เห็นด้วยอย่างยิ่ง) โปรดให้คะแนนระดับความเป็ นอยู่ทางสังคมของท่าน  
 
1 - ไม่เห็นด้วยอย่างยิ่ง 
2 - ไม่เห็นด้วย 
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